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Table 1. Condition cohort descriptions and statistics
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Organizational-level factors influencing availability
of lab test values include linkage of claims to
specific national lab test providers, which excludes
lab values obtained from other lab providers.(1)
Patients may be more likely to receive lab tests if
they need diagnostic or monitoring work for disease
risk factors, drug use, or other comorbidities(2-4)
or if they exhibit health-seeking behaviors.(5) As a
result, meaningful lab values may only be available
for certain cohort subpopulations and may not
accurately reflect true lab values of all patients in
the clinical cohort.
This study provides a method for comparing and
visualizing covariates of patients with and without
lab tests ordered within claims-based clinical
cohorts as well patients with and without lab test
values within clinical cohorts receiving lab tests.
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Figure 1. Plots of covariate prevalence for 4 cohorts










This study used deidentified claims from the Optum
Clinformatics® Extended Data Mart, SocioEconomic Status version converted to the
Observational
Medical
Outcomes
Partnership
(OMOP) Common Data Model (CDM), version 5.0.1.
Cohorts were developed using the OHDSI Atlas
tool.
Eligible subjects had to: be 18 years and older,
have an initial diagnosis and at least one prior
confirmatory diagnosis 365 to 180 days before
index, and continuous observation of at least 365
days before the index event
We identified four clinical cohorts:

For each cohort we identified: subjects with
(target)
and
without
(comparison)
lab
measurement and subjects with a lab measurement
and value (target) and without (comparison) value.
The unit of analyses are covariates within each
domain which are represented as concepts.
Cohort comparisons were made by calculating the
absolute standardized difference in means (aSMD)
for all covariates in units of the pooled standard
deviation. The expression for calculating the pooled
standard deviation and is suitable for dichotomous
variables and is not influenced by large sample
sizes (6).

 Plots were generated comparing cohorts with and
without laboratory measurements and values prior to
the index date.

RESULTS

 The comparisons of cohorts with a measurement and
value vs. cohorts with a measurement and no value
have more unbalanced covariates than comparisons
between cohorts with laboratory measurements vs.
cohorts without laboratory measurements.
 Cohorts of subjects with hepatitis B and Crohn’s
disease had a higher proportion of covariates with
(aSMD) in means > 0.1 compared to hyperlipidemia
and patients aged 50 cohorts.
 There are differences among the number and domain
of unbalanced covariates between the cohorts with
and without laboratory measurements and the cohorts
with laboratory measurements with and without
values across each outcome.

LIMITATIONS
 Lab results are only available within certain datasets,
therefore studies requiring lab data may not be
generalizable to broader populations.
 Claims data only capture laboratory tests that are
reimbursed and therefore some measurements (e.g.
body weight) are more difficult to assess.
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CONCLUSIONS

 We developed a systematic framework to assess if use
of laboratory measurement data is appropriate to
represent subjects without measurements.
 When using measurements to define cohorts, we
suggest thoroughly examining the underlying cohorts
for comparability.

NEXT STEPS

 This study serves as the basis for developing a set of
criteria to illustrate similarity between cohorts of
subjects with and without measurements. Further
research will include metrics and tests to evaluate the
use of cohorts with and without measurements in
analyses.
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