AJOU UNIVERSITY

'OBSERVATIONAL HEALTH DATA SCIENCES AND INFORMATICS

Integratiomof heterogeneoys
medicdldata basedon
commoendatamodel
-2"d Partof FEEDERET

Seng Chan You



Finding the missing link for big biomedical d:

Figure. The Tapestry of Potentially High-Value Information Sources That May be Linked to an Individual for Use in Health Care
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F / PatientGeneratedHealth Data

Because everyone matters.
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Exponential Growth in New Forms of Data Will Play an Increasing
Important Role in Enabling Better Outcomes
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‘ Applications in smartphone collecting
health data Samsung Medical

pple Health Google Fit Center
Diabetes Note
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Schematic data flow

Integrated PGHD can be PGHD, converted into
supp!led to QOctors for OMOP-CDM, is transferred
practice. Thls.d.ata can be to hospital and integrated
useful for additional with hospital’s CDM.

observational research.
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Provider actions

Patients actions post-hospitalization care
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Patients enables sharing data
between apps via OS’s health
app (eg iPhone’s Health app)

Most smartphone
users have

downloaded health-
related applications

Patient downloads health
application compatible with
OHDSI (eg, NOOM) and
agrees to share their data
with specific hospital




NOOM converted their data into CDM




