Introducing OHDSI Analytics at VCU in the LTS OHDSI cloud: An Example Application of Empirical Calibration
Using Synthetic EMR Data for Detecting Cancer Risk in Oral Bisphosphonate Users
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Study Design
* This clinical example was challenging because cancer is a difficult . On-going process of Introducing OHDSI to VCU Biostatistics
concept to define and may be rare in a study population
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