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Congratulations to the team of

OHDSI Shoutouts!

on the publication of

Physiological signal analysis and
open science using the Julia
language and associated
software in Frontiers in Network

Physiology.
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PE Mini Review
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Datseris G and Zelko JS (2024) Physiological
signal analysis and open science using the Julia
language and associated software.

Front. Netw. Physiol. 4:1478280.

doi: 10.3389/fnetp.2024.1478280

© 2024 Datseris and Zelko. This is an open-
access article distributed under the terms of the
Creative Commons Attribution License (CC BY)
The use, distribution or reproduction in other
forums is permitted, provided the original
author(s) and the copyright owner(s) are
credited and that the original publication in this
journal is cited, in accordance with accepted
academic practice. No use, distribution or
reproduction is permitted which does not
comply with these terms.
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Physiological signal analysis and
open science using the Julia
language and associated software

George Datseris* and Jacob S. Zelko??®

!Department of Mathematics and Statistics, University of Exeter, Exeter, United Kingdom, 2Department of
Mathematics, Northeastern University, Boston, MA, United States, *OHDSI Center, Roux Institute,
Northeastern University, Portland, ME, United States

In this mini review, we propose the use of the Julia programming language and its
software as a strong candidate for reproducible, efficient, and sustainable
physiological signal analysis. First, we highlight available software and Julia
communities that provide top-of-the-class algorithms for all aspects of
physiological signal processing despite the language’s relatively young age.
Julia can significantly accelerate both research and software development due
to its high-level interactive language and high-performance code generation. Itis
also particularly suited for open and reproducible science. Openness is supported
and welcomed because the overwhelming majority of Julia software programs
are open source and developed openly on public platforms, primarily through
individual contributions. Such an environment increases the likelihood that an
individual not (originally) associated with a software program would still be willing
to contribute their code, further promoting code sharing and reuse. On the other
hand, Julia’s exceptionally strong package manager and surrounding ecosystem
make it easy to create self-contained, reproducible projects that can be instantly
installed and run, irrespective of processor architecture or operating system.
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OHDSI Shoutouts!

Congratulations to the team of

Medicine

Issues More Content v Publish v Purchase Advertise v About v

Article Contents JOURNAL ARTICLE  ACCEPTED MANUSCRIPT
Identifying factors associated with persistent opioid
use after total joint arthroplasty: A retrospective
review

O n t h e Aurora Quaye, MD &, John DiPalazzo, MS, MPH, Kristin Kostka, MPH,
Janelle M Richard, BA, Blaire Beers-Mulroy, MB BCh, Meredith Peck, DO,
Robert Krulee, BS, Yi Zhang, MD
] [ ] [ ) [ ] . .. .

Pain Medicine, pnael20, https://doi.org/10.1093/pm/pnael20

p u I Ca I O n O e n I yl ng a C O rs Published: 20 November2024  Article history v

P t I .t h ® t t ® ® I PDF ¢¢ Cite A Permissions «§ Sharev
Objective

u S e a fte r tota I j o i nt a rt h ro p I a Sty : A To identify predictors of persistent opioid use in opioid-naive individuals

undergoing total joint arthroplasty.

retrospective review in Pain
Medicine.

Abstract

Supplementary data

Abstract
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OHDSI Shoutouts!

Congratulations to the team of

JOURNAL OF MEDICAL INTERNET RESEARCH Lee et al
Original Paper

Hospital Length of Stay Prediction for Planned Admissions Using
Observational Medical Outcomes Partnership Common Data
Model: Retrospective Study

Haeun Lee"?, MS; Seok Kim?, MPH; Hui-Woun Moon?, MSN; Ho-Young Lee?, MD, PhD; Kwangsoo Kim®, PhD;

. . ° Se Young Jung*’, MD, MPH, PhD; Sooyoung Yoo>", PhD
l l b I I C a t I O n O f H O S I t a I L e n t h Of S t a 1Department of Biomedical Informatics and Data Science, Johns Hopkins School of Medicine, Johns Hopkins University, Baltimore, MD, United States
20ffice of eHealth Research and Businesses, Seoul National University Bundang Hospital, Seongnam-si, Republic of Korea

3Depa.rtment of Transdisciplinary Medicine, Seoul National University Hospital, Seoul, Republic of Korea

4Department of Family Medicine, Seoul National University Bundang Hospital, Seongnam-si, Republic of Korea

Prediction for Planned Admissions

Corresponding Author:
Se Young Jung, MD, MPH, PhD

[ [ [
Department of Family Medicine, Seoul National University Bundang Hospital
SING servationa ealcd 172, Do undng

Seongnam-si, 13605
Republic of Korea
Phone: 82 0317878845

Outcomes Partnership Common Data &=
M o d e I : REt ro S p e Ct i ve St u d y i n t h e ::::Z::: Accurate hospital length of stay (LoS) prediction enables efficient resource management. Conventional LoS
Journal of Medical Internet Research.

prediction models with limited covariates and nonstandardized data have limited reproducibility when applied to the general
population.
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OHDSI Shoutouts!

Congratulations to the team of

170 Collaboration across Disciplines for the Health of People, Animals and Ecosystems
L. Stoicu-Tivadar et al. (Eds.)

© 2024 The Authors.

This article is published online with Open Access by 10S Press and distributed under the terms

of the Creative Commons Attribution Non-Commercial License 4.0 (CC BY-NC 4.0).
doi:10.3233/SHTI241086

ont h e pu b | ication Of Suitability of the OMOP Common Data
Model for Mapping Datasets of Medical

Su ita bi I ity Of t h e OMOP Common Research Studies Using the Example of a
Multicenter Registry

Data M O d e I fo r M a p pi n g D ata Sets Milla KURTZ?', Alfred WINTER® and Matthias LOBE®

3 Institute for Medical Informatics, Statistics and Epidemiology (IMISE), University of
Leipzig, Leipzig, Germany

of Medical Research Studies Using O e e B

Matthias Lobe 0000-0002-2344-0426

the Example of a Multicenter .o e ek €80 s - s

problems that arise in the secondary use of health data. The OMOP CDM is such a
model that is mainly used for healthcare data, so this paper examines whether it is
also suitable for mapping research data. An exemplary research dataset is mapped

e ° g e to the model and the model is tested for suitability. For this purpose, an ETL process

e I St r I n O u m e O t u I e S I n is first designed with the OHDSI tools and finally implemented with Talend Open
Studio for Data Integration. The data quality is checked, and the mapping and the

model, together with the tools, are evaluated. Overall, all but three data fields from

the source dataset could be mapped to the OMOP model, so that the model's
suitability for research data can be confirmed.

Health Technology and Informatics. ot s s o e 040
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Three Stages of The Journey

Where Are We Going?
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Upcoming Workgroup Calls

Time (ET) Meeting

Tuesday 12 pm Common Data Model Vocabulary Subgroup
Wednesday 9am Medical Imaging
Wednesday 10 am Surgery & Perioperative Medicine
Wednesday 10 am Women of OHDSI
Wednesday 12 pm Latin America

Monday 9am Vaccine Vocabulary

Monday 10 am Healthcare Systems Interest Group
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2024 APAC Symposium

Dec. 4-8 ¢ Marina Bay Sands & National University of Singapore (NUS)

P

Dec. 4: Tutorial at NUS

Dec. 5-6: Main Conference at Marina
Bay Sands

Dec. 7-8: Datathon at NUS

ohdsi.org/APAC2024
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Plenary: Value Proposition for Participating in OHDSI Network

Studies like LEGEND-T2DM

2024 Global Collaborator Showcase

Observational Data Standards & Management

to OHDSI Evid Network /
(Moderator: Clair Blacketer, Johnson & Johnson)

Reflections from US Department of Veterans Affairs
(Scott Duvall, VA)

— Application of OMOP Common Data Model to Disease Registry Data (\
Vakhmistro
Federated Nety

Dan Kiselev, Teresa A. Simon, An.

ices for Developing Disease

Reflections from SIDIAP (Spain)
(Talita Duarte-Salles, IDIAP)

Gowtham A Rao, Ann.

Reflections from a Global Commercial Data Provider
(Atif Adam, 1QVIA)

nika Brand)
5 — Lessons from mapping cancer in
Ross, Stelios Theophanous, Joélle Th
6 — SMEs optimization with high precision data ingestion of CAPriCORN CDM onto OMOP at AllianceChicago (Andrew Hamito

nation from European hospitals to ICD-O-. livier Bouissou, Elisabeth

rd, Piers Mahon)

Nesmiian Inna

of the transformation of lar: MOP CDM (Andreas Milou Brand, Jack Brewster, Meth

du, Joe M

pting the OMOP.

n Nieminen

Moderator: Fan Bu, University of Michigan

2024 OHDSI Global Symposium ......cow..

mo Porkka)
he OMOP CDM in two countries of the Global South

Ar ca, h L o, Maria Yury T

10- 0 global,_redeeming

Martufi, Emma Kalk, Enn

Jessica Gammon, Nicki Tiffin, Chris F

cardo x Monteiro Nef

ra Pinto Ju

he OMOP CDM

h Huser, Priya Me
J. Wilkins, Qi Yang
rch Data Stand. t AILREADI Survey Instrument Data E ts and MoCA Measure:
Value Set Mapping Table for transformation into the OMOP Common Dat:

The 10th annual OHDSI Global Symposium brought together more than 470 global collaborators for three days of sharing
research, building new connections and pushing forward our mission of improving health by empowering a community to
collaboratively generate the evidence that promotes better health decisions and better care.

Data Elements are

Model

12 — Streamlining Re
curated and mappe

utilizing a Standardized

n M erlin, Aaron Cohen, Julie Owens, Abigail L

James on, Y ique Bangudi. Jes D

This page will host all materials from OHDSI2024, including video presentations (when available) from the main conference
and tutorials, slide decks, posters, demos and more.

cilia S. Lee, Aaro
r: CIDACS' experience in

Pablo Ivan Ramos,

and the application

— Institutionalizing_data interoperabi
/ale Martufi, Juliana Aradjo Prata de Faria, Dar

State of the Community

e — Enhancing Infectious Disease Data Integration and management through OMOP-CDM in South Korea (Min Ho An, Seok Kim, ByungJir
Nicole Pratt, University of South Australia

Marc Suchard, UCLA

ung Yoo.Rae W

— EHIR to OMOP Cookbook — Mapping mCODE FHIR Resources for Observational Research (Qi Ye bastian van Sandigk, May

Where Have We Gone and Where Are We Going?
(George Hripcsak, Columbia University)

Fanellsts: — Towards Reproducible Imaging Research: Implementation of DICOM to OMOP CDM (Woo Yeon Park, Ben Martin, Gabrie
Harlan Krumholz, Yale University
Seng Chan You, Yonsei University

Yuan Lu, Yale University

Expand OHDSI Initiative for Eye Care and Ocular Imaging
Challenge
(Amberlynn Reed, Natiional Eye Institute)

ark, Sujeong Eom, Kyulee Jeon, S

ju

Warehouse (William

MOP Eye Care & Vision Research W

al . group)
Cancer Risk Program (MeDOC) Consortium: E of the

Titan Awards
(George Hripcsak, Columbia University & Marc Suchard, OMOP Common Data Model for Translational Research (M a Temprosa)
21 - Expanding the OMOP Common Data Model to support Extracorporeal Life Support huk, Ahmed Said, Peta

ominik J. H
om your OMOP CDM to your OMOP CDM? An efficient solutio:
D

M.A. Alexan
2 — ETing
Burrows, Dmitry Dymshyts, Fra

UCLA)

to vocabulary migration (Clar B

nt vocabulary versions on cohort definitions and COM {Dmitry Dymshyts, Frank De

23 — Evaluating the impact of diffe
aibi, Clair Blacketer)

ham Rao, Azza S
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Monday

Expanding the OMOP
Common Data Model
to support
Extracorporeal Life
Support research

(Clemens Rieder, Oleg Zhuk, Ahmed
Said, Peta M.A. Alexander, Dominik J.
Hoechter)

@OHDSI www.ohdsi.org

#OHDSISocialShowcase This Week

The ECLS CDM expansion enables the

OMOP CDM to store extracorporeal
life support data

Expanding the OMOP Common Data Model to support Extracorporeal Life

Support research

Background: Extracorporeal life support (ECLS) is a keystone in today’s critical care. Constant evolvement of the

procedure over the last 50 years has resulted in a manifold terminology, often used inconsistently. Intending to

provide an unambiguous nomenclature the Extracorporeal Life Support Organization (ELSO) published

terminology guidelines. Until now the OMOP CDM lacked the capability to store ECLS-related data sufficiently

due to a lack of fitting concepts as well as poor user operability in complex cases of ECLS.

Result 1: New data tables introduced as part of the new expansion. Core tables are shown in dark blue, support

tables in light blue, respectively.

e 1 o \ i
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[ - | |
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Result 2: Concept landscape analysis of the

Maastricht Treaty.
B Already present
[0 Mappable via postcoordination
3 Excluded
3 Newly introduced
Total=75

Methods in silico

Acknowledgements: This work is the result of the ECLS CDM research group’s

interdisciplinary and interprofessional collaboration efforts.

Results: The ELSO Maastricht Treaty and ELSO Registry
Data Definitions Document were analyzed. In total, 142
new concepts were designed. Custom database tables
specific to extracorporeal therapy were introduced and
logically divided into core tables and support tables. The
expansion is available on GitHub (QR Code) and was

placed in the public domain.

IClemens Rieder, 2Oleg Zhuk, 3Ahmed Said, “Peta M.A. Alexander,

'Dominik ). Hoechter

"Department of An: ity Hospital, LMU Munich, 20

8
University in St. Lou partment of Cardiology, B

mpany, Cambridge, MA. USA, *Pediatric Critical Care, Washington
and Department of Pediatrics, Harvard Medical School, Boston MA,

#JoinThelourney

[J ohdsi



Tuesday

Causal Learning with Large-
Scale Propensity Scores to

Predict Treatment Outcomes:

A Study of Arrhythmia in

Adolescents with Attention-
deficit/hyperactivity disorder

(Junhyuk Chang
Woong Park)

) @oHDsI

Dong Yun Lee, Rae

www.ohdsi.org

OHDSI

Junhyuk Chang, PharmD?, Dong Yun Lee, MD?, Rae Woong Park, MD, Ph.D.}2

Background

* Adolescents with ADHD and comorbid depression often receive methylphenidate (MPH) and selective
serotonin reuptake inhibitors (SSRIs)

* Concurrent use of MPH and SSIRs may increase cardiovascular risks, including arrhythmia

* The causal machine learning method is able to estimate treatment effects on individual patients by
calculating average treatment effects.

* This study aims to analyze the treatment effect of concomitant administrating SSRIs and MPH on
arrhythmia occurrence with a causal forest model

Tragsn T!sll 7
<' "» "» (70%) + (30%) } M "» =4

HIRA-ADHD Extract
MPH-Patients /S

FeatureExtraction

+ Average treatment effect (ATE)
+ Conditional ATE (CATE)
* Rank-ATE (RATE)

+ Heterogeneity within g
groups based on CATE

Random forest
model

&

Figure 1. Overall study framework
1. Data collection
* Database: Health Insurance Review and Assessment Service — Attention Deficit/Hyperactivity
Disorder (HIRA-ADHD) database which contained ADHD patient data from nationwide claims data
* HIRA-ADHD database was converted to OMOP-CDM
* Data was collected from Jan 1, 2016 to Dec 31, 2020

2. Cohort definition
Target Cohort
* MPH-used patients with an ADHD diagnosis aged between 10 and 19
* Patients with a depression record
* Patients without other anti-ADHD agents and previous antidepressants

Outcome Cohort: Occurrence of arrhythmia

3. Data preprocessing
« Split: 70% for training / 30% for testing, ensuring the same outcome prevalence in both sets
* Extracted patient baseline covariates to employ a large-scale propensity score utilizing the
FeatureExtraction
« Initial screening was conducted to exclude rare covariates by 10-fold cross-validation

4. Estimate average treatment effect
« Estimated the average treatment effect (ATE) using constructed causal forest model
* Using rank-ATE (RATE), we estimated treatment heterogeneity based on the quintiles of the test
set divided according to CATEs
* We compared the top 5 variables based on variable importance from the causal forest model to
identify characteristics of high and low CATE groups

Contact: contact@ohdsi.org

#JoinThelourney

1Department of Biomedical Sciences, Ajou University Graduate School of Medicine, Suwon, South Korea
2Department of Biomedical Informatics, Ajou University School of Medicine, Suwon, South Korea

#OHDSISocialShowcase This Week

Causal Learning with Large-Scale Propensity Scores to Predict Treatment Outcomes
: A Study of Arrhythmia in Adolescents with Attention-deficit/hyperactivity disorder

Among the total of 11,163 MPH-used patients, 7,873 patients were prescribed SSRIs and 58 patients
had occurrences of arrhythmia

Average treatment effect across quantiled CATE groups
Tower risk of arthythmia  higher isk of arthythmia

Figure 2 shows the ATEs of the quantile —
groups in increasing order, with values of -

0.5,-0.1,0.1,0.1,and 0.4

* Among ATE of quantile groups, the ATE of —
the Q5 group is statistically significant (95%
Cl: 0.1-0.8). —

The estimated RATE was 0.008 (95% Cl: _—
0.002-0.015), which confirmed the
heterogeneity between quantile groups

75 7o 75 0o o5 o 5
Average treatment effect of SSRI treatment on arrhythmia (%)

Figure 2. Average treatment effect of quantile groups

Figure 3 represents the density of top 5 baseline covariates between high and low CATE groups

Density of Covariates

age group: 10 - 14 Individual psychotherapy index month: 9

100 100 100

oz - oz o025

Mixed anxiety and
depressive disorder
100 100

- ' ._ - - .
000 000
o 1

o 1
Standardized Covariate Value (0: No, 1: Yes)

age group: 15 - 19

Group Bl Low CATE group.Low- s below the median il High CATE group."Hight is median and above

Figure 3. Density of top 5 covariates

Conclusions

* This study suggests that while SSRI treatment did not significantly affect arrhythmia
* Individualized treatment rule accounting for this heterogeneity could modify guidelines for concurrent
use of MPH and SSRIs

Acknowledgements

This research was funded a grant from the Korea Health Technology R&D Project through the Korea Health Industry
Development Institute (KHIDI), funded by the Ministry of Health & Welfare, Republic of Korea (grant number:
HR16C0001) and this research was supported by a Government-wide R&D Fund project for infectious disease
research (GFID), Republic of Korea (grant number: HG22C0024, KH124685).

[J ohdsi



#OHDSISocialShowcase This Week

\ Predicting outcome in emergency room patients with
Suspected Gastrointestinal Infection using OMOP-CDM

So Hee Leel, Byungjin Choi, MD2, Min Ho An, MD?2, Junhyuk Chang?, Harrin Kim?, Sujin Gan, RN, Rae Woong Park, MD, Ph.D 12
0 H DSI 1Department of Biomedical Sciences, Ajou University Graduate School of Medicine, Suwon, Republic of Korea

2Department of Biomedical Informatics, Ajou University School of Medicine, Suwon, Republic of Korea

ackground & Objectives

« Gastroenteritis is among the most frequently diagnosed conditions in emergency « GBM outperformed LASSO in AUROC for predicting ER revisits, ICU admissions, and mortality (0.758 vs. 0.679, 0.964 vs. 0.947, and 0.990
[ ] [ ] [ ] departments across the country vs. 0.980, respectively)
+ Symptoms of gastroenteritis often begin mildly, with fever, diarrhea, abdominal pain, and 1.00 1.00 1.00
vomiting. However, without prompt treatment, these symptoms can worsen, leading to
more severe conditions that affect individuals of all ages
« In this study, we aim to predict 7-day 1) ER revisits, 2) ICU admissions, and 3) mortality, to 07 075 07
assess the severity of gastroenteritis 2 2 =
« By identifying patients in high risk for disease prognosis, it enables quick triage and timely ‘E 0.50 % 0.50 ‘E 0.50
e m e rg e n cy ro o m treatment, ultimately improving outcomes and reducing transmission g , § , g ,
g ER revisit ICU admission Mortality
_ 02 GBM model (0.758) 025 GBM model (0.964) 028 o GBM model (0.990)
Data sources — LASSO model (0.679) . — LASSO model (0.947) — LASSO model (0.980)
L L «  Ajou University School of Medicine (AUSOM) database 000 24 o0.00] J 000
*  Electronic health records (1994.01 ~ 2024.02) oloo 0.25 0.50 0.75 1.00 5.00 0.25 0.50 0.75 1.00 o’oo 0.25 0.50 0.75 1.00
patients with suspected e
Study population 2 ICJL:‘:]::::S: Figure 2. Model Performance for severity of gastroenteritis; (a) Prediction for ER revisit, (b) Prediction for ICU admission, (c) Prediction for mortality

Index date
3) ER revisit

gastrointestinal infection B

Emergency department
Suspected gastroenteritis symptoms
(Abdominal pain, vomiting, diarrhea)

S Fever of 38°C or higher Figure 1. Cohort definition
u S I n - Model development and evaluation -
« Machine learning Algorithms: HR 0.013 [0.009-0.019]; p<0.001

« Gradient boosting model (GBM) & Least absolute shrinkage and selection operator o 3 i 5 + Based on the predicted results (Youden index:

Survival probabilty
o o o
2 9 @
g 8 8

°
@
8

Time P . P
(LASSO) Number at risk 0.005) by{ GBM predlctlon'mc')qel in ICU admission,
. a the low-risk group had a significantly lower hazard
« Covariates g o116 8863 8735 8680 8625 8583 8542 A Ny
. - . s ratio for 7-day mortality (HR 0.013, 95% CI [0.009-
Y ° « Demographics, condition, drug, measurement and visit g2 o 73662 73617 68384 66982 64649 64055 63477 0.019], p < 0.001)
( S o H e e Le e By u n gj I n ‘ h O I M I n H o A n « Time frames : Long-term (-365 days) and Short term (-1 day) prior to the index date ' : ° rime ° ° ’ ) ’ )
’ ’ ’ « The short-term period was chosen to capture recent conditions crucial for predicting
: N Figure 3. Kaplan-Meier survival analysis of Gradient boosting machine for ICU admission
the severity and treatment response of the patient

J u n hyu n k C h a n g’ H a rri n Ki m’ R a e - Data split: Split into the train (75%) and test set (25%) in 3-fold cross validation

+ Model perf
odel periormance . ) +  We developed CDM-based prediction models to assess the severity of gastroenteritis outcomes, including ER revisits, ICU admissions, and
+ The area under the receiver operating curve (AUROC)

mortality
+ Youden index to determine threshold for high and low risk groups + These models demonstrated moderate accuracy in predicting severity and distinguishing high-risk patients, aiding in timely treatment and
o O n g a r Survival Analysis for ICU admission improving patient outcomes

« To assess the association between the risk of ICU admission and the incidence of 7-da B
€ ) (I Acknowledgements
mortality through the survival analyses
This research was funded by a grant from the Korea Health Technology R&D Project through the Korea Health Industry Development Institute (KHIDI),

funded by the Ministry of Health & Welfare, Republic of Korea (grant number: HR16C0001) and this research was supported by a Government-wide R&D
Fund project for infectious disease research (GFID), Republic of Korea (grant number: HG22C0024, KH124685)

Cox proportional model: for calculating the hazard ratio
Kaplan-Meier method: for plotting the survival curve
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CDM SURVEY
SUB-WORK GROUP




LANDSCAPE ASSESSMENT

e Activities

* Invite representatives from cohorts with experience using the CDM for survey data to share
their knowledge and challenges.

e Conduct a community survey to gather information on experiences and needs related to
survey data in the CDM.

* Review the most used Common Data Elements (CDMs) as a foundation for developing
standards, tools, and best practices.

* Key Result

* A comprehensive report summarizing survey CDM mapping resources, challenges, and
identified development priorities (vocabulary, standards, tools, best practices) to be shared

with the OHDSI community.

27



SURVEY DATA AND THE OMOP CDM: ‘
LANDSCAPE ASSESSMENT

* https://forms.gle/gGG4Pj4QZTppyaACA
* Open through Dec. 31, 2024



https://forms.gle/gGG4Pj4QZTppyaACA

WHO SHOULD PARTICIPATE ‘

* You have survey data and you've mapped it to the OMOP CDM

* You have survey data and you would like to map it to the
OMOP CDM

* You are in the process of developing a survey(s) and plan to
map to the OMOP CDM

* Multiple perspectives from the same team

* Multiple surveys from the same person

29



Nicole Gerlanc, PhD

Data Analyst Lead, Connect Study
Trans-Divisional Research Program

Division of Cancer Epidemiology and Genetics
National Cancer Institute

Email: nicole.gerlanc@nih.gov
Wiki: https://github.com/OHDSI/CdmSurveySubWag/wiki



mailto:nicole.gerlanc@nih.gov
https://github.com/OHDSI/CdmSurveySubWg/wiki
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/ Nov. 26: OHDSI2024 Showcase Honorees

Shahin Hallaj

Samuel Patnoe
Gap Analysis of Static Automated Perimetry
Concept Representation in OMOP CDM

Health Trends Across Communities in Minnesota: a
Statewide Dashboard Leveraging the OMOP CDM
to Monitor the Prevalence of Health Conditions

Ramya Tekumalla

Towards automated phenotype definition
extraction using large language models

Clair Blacketer

~ Alvaro Alvarez Improving Team Science Through “Thons”

Reflections on the April Olympians Community Event

Bridging the Language Gap: Generative Models
for Efficient Medical Concept Discovery
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