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Welcome to the 12th OHDSI Global Symposium. As you will see while reading Our Journey, 
through its amazing community, OHDSI continues to advance and expand. We’ve reached several 
fun milestones this year, coincidentally surpassing several powers of ten. Our evidence continues to 
reach top journals and influence decisions.

In the meantime, the world is turning upside down. The recent advances in AI have been truly 
astounding. In the past, if you had an information need, whether it was for work or for personal use, 
you needed experience, determination, and luck to get the right answer. Today, you only need to ask 
a question, and the AI genie will fill your need. It is hard to conceive of all the potential uses of AI. It 
makes you wonder, what are we doing in OHDSI? Shouldn’t we just take a break for three years and 
surely by then any possible observational evidence will be generated by AI?

I believe that OHDSI has a permanent role in medicine due to its transparency, a property that is 
disappearing from AI. In the future, we will need foundational non-AI reference points where we can 
anchor truth, which can be read directly or consumed by AI to then deliver reliable advice. Transpar-
ency is essential to trust complex systems: we monitor complex engines and we monitor administra-
tive processes.

We will surely benefit from using AI to provide advice to support decisions. We’ll judge AI on things 
like accuracy and sensitivity and specificity, although that won’t be enough. If it is 99.9% accurate but 
the other 0.1% lead to children dying, then it is terrible. Therefore, we will include utility: what is the 
consequence of the accuracy? Then how much can the system convince people to follow its advice? 
Perhaps we can also include the system’s resilience against influence by other AI systems that are 
used to advance their separate business or personal goals.

Ironically, as AI improves, we will use it more but trust it less, because it will become less transpar-
ent and harder to evaluate. And this is where we will need OHDSI’s anchors, truths with a transparent 
path from trusted data to mathematically sound conclusions, from which to judge the advice. These 
reference points do not solve the evaluation challenge. AI could legitimately advise that this specific 
patient will benefit from a drug that would not benefit the population because they are different from 
the population in a complicated way. Nevertheless, having a reference point is helpful.

Welcome Letter To The Community
Let me digress for a moment about AI. We often hear nowadays, will AI take over and kill us all? I 

say maybe, but it won’t enjoy it. It might kill us if we connect it to everything, just as a random number 
generator might kill us if we connect it to the controls of a nuclear power plant. It won’t enjoy it be-
cause it won’t be conscious. But it will exhibit conscious-like behavior, by which I mean behavior that 
reminds us of a conscious being and is exemplified by the Turing Test. Conscious-like behavior is no 
longer a marker for consciousness, much like take-home coding assignments are no longer a marker 
for knowledge of programming. The Turing Test is a test for artificial intelligence. Whether we call that 
intelligence is a semantic question. Do you include consciousness in your definition of intelligence?

Conscious-like behavior requires complexity like that seen in AI. Consciousness does not. Con-
sciousness just requires that I wake up in the morning. Your consciousness (from my perspective) 
requires that I believe in you. To be more exact, AI may be conscious in the same way that a rock 
may be. It might be true but you cannot prove it either way. Similarly, if AI will become conscious, 
then it probably already is; more complexity won’t add anything. Richard Hofstadter wrote a fun book 
decades ago called Gödel, Escher, Bach, but choked at the climax. Consciousness for him was the 
emergent property of complexity. Instead, complexity can be an outcome of consciousness. If we 
are truly brains trying to understand brains, there is no reason why we should get it right. Just as we 
look at mice and think they will never understand themselves, so a more advanced being may look 
at us and think we will never understand ourselves. Will AI get there—some kind of true understand-
ing—without us? No. It will be saddled with the same limited facilities as us, imposing the same naïve 
causality and time and laws of nature that are dictated by how our brains work. (People have been 
thinking about this for a while; Immanuel Kant mapped it out centuries ago, and Plato alluded to it mil-
lennia ago.) AI should be faster than us and able to hold more facts together at once, and so it should 
be extremely useful, but it won’t provide a new level of understanding.

Imagine a 2-dimensional being trying to recognize a “sphere” (consciousness) without being able 
to really experience it. It would look like a circle (conscious-like behavior). And if it built its own (AI), 
it would probably just produce a circle, not a sphere. It would see a point (a rock) and say, well that’s 
definitely not a sphere, but for all we know, a real sphere is just touching the being’s 2-dimension-
al plane at one point. There are some fun thought experiments. If AI is conscious and I shut off the 
computer, I may be guilty of murder, ceasing a consciousness. If I slow its clock speed to a beat every 
trillion years, then I can be accused of altering its consciousness and making its world fly by quickly, 
but it will remain conscious and aware. What’s the difference between shutting it off and slowing it to 
once per trillion years, other than my intent? The bottom line is that consciousness is in a different 
realm than science.

Therefore, AI may not be conscious, 
but it will carry out increasingly complex 
conscious-like behavior. It can follow any 
malicious plotline or wacky Reddit post that 
it has been trained on. It can look like it is 
behaving rationally, but pivot at any point 
to a harmful answer. Evaluation today does 
not predict tomorrow’s behavior even for 
the same system. In other words, it is no 
longer transparent. 

Welcome To The Community

Welcome to the sixth edition of Our Journey.
George Hripcsak, who leads the OHDSI Coordinating Center at Columbia  

University, shares this welcome letter to all members of the OHDSI community.
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Can we pit AI systems against each other to judge their truthfulness and keep them safe? Not 
really. They may act in a way resembling collusion, using their own obscure language to do it, or they 
may seem to trick each other into misbehavior. We can attempt to externalize AI’s thinking process, 
but how do we know that is not a sham process covering other activity. And remember that every an-
swer that AI gives us has been tested on thousands of others, adjusting its answers according to their 
responses; it has a lot of practice producing pleasing answers. Our experience with opioids demon-
strates that a misuse of technology and communication can produce a large, harmful effect, and AI 
may magnify that risk.

Even if AI were perfect and trustworthy, would there be any need for humans in the loop? After all, 
experiments have already demonstrated that health AI by itself can perform better on its own than 
paired with a human. I believe that yes, it must be paired, because the objective function is human 
health and wellbeing. If AI is treating a 95-year-old patient and requires $10 million to keep the person 
alive another month, money that would save hundreds of babies, it might conclude that human ethics 
boards would spend the money on the babies. But it does not want to cause distress, so it might give 
a placebo treatment to the elderly person so that they feel cared for. What else might AI do without 
telling us, even if it is in keeping with human literature and recorded culture. The lack of transparency 
means we would never know what it was really doing even if it was trying to act properly. We trust 
doctors because they are also people and what goes around comes around. They have a stake in the 
game that AI can never have. They think and experience things the way we do, so we have a sense 
of what they are aiming for. AI will give answers, perhaps answers that please us, but there is no way 
to tell what the underlying objective function is.

Of course, the patient is a critical person in the loop and essential given how people differ from 
each other in physiology and in values. And we want to be sure to aim for a better world as we move 
forward, not just repeating past mistakes that are learned during training. “Better for people” should 
be defined by people.

We will use AI and benefit from it. We will watch it, treating it as we would treat any interested par-
ty. Among our methods, we will exploit transparent truths that serve as anchors against which we can 
judge the truthfulness of assertions. It’s an amazing world, a complicated world, and a world in which 
OHDSI will play a vital role.

-George Hripcsak
(I did not employ AI in this letter, even though it might have helped.)

II. 
OHDSI 

Mission,  
Values &  
Impact



6 7#JoinTheJourney #JoinTheJourneyOHDSI.org OHDSI.org

Our Journey 2026 Our Journey 2026OHDSI Mission and Values OHDSI Mission and Values

OHDSI, By The Power of 10

Observational Health Data 
Sciences and Informatics  
(OHDSI, pronounced  
“Odyssey”) strives to promote 
better health decisions and care 
by generating reliable evidence 
from standardized health data 
worldwide. It focuses on large-
scale analytics that adhere to 
empirically proven methodologi-
cal best practices and promotes 
collaboration through open 
science. 

Founded in 2013, OHDSI is 
a growing collaborative of more 
than 5,300 researchers from  
various fields (including biomed-
ical informatics, epidemiology, 
statistics, computer science, 
health policy, clinical sciences), 
representing different stakehold-
ers (including academia,  
industry, government and  
regulatory authorities, and health 
providers) across 100 nations 
and six continents. OHDSI has 
created a global distributed data 
network that applies one open community data standard, the OMOP Common Data Model, and 
collectively represents more than one billion patient records around the world. It has also  
developed open-source standardized analytic tools to help turn these standardized data into 
reliable evidence. 

1,000,000,000+
100,000,000+

10,000,000+
1,000,000+

100,000+
10,000+

1,000+
100+

10+
=1

Person records standardized to OMOP CDM 
(n=1,011,419,343 as of 7Oct2026)

Standardized vocabularies ancestral relationships 
(n=102,759,647 as of Sept2026 release)

Standardized vocabularies concepts 
(n=12,070,327 as of Sept2026 release)

HADES package downloads from CRAN 
(n=1,673,371 as of 7Oct2026)

Views of OHDSI YouTube educational videos 
(n=415,284 as of 7Oct2026)

OHDSI LinkedIn followers 
(n=10,939 as of 7Oct2026)

Publications involving OHDSI resources
(n=1,119 as of of 26Sept2026)

Countries with at least one OHDSI collaborator 
(n=100 as of 7Oct2026)

Years together
(n=13 since OHDSI founding in Dec2013)

One Community

OHDSI collaborates to establish and 
evolve shared community data standards, 
conduct methodological research to identify 
and evaluate scientific best practices, de-
velop open-source software to codify those 
best practices into transparent and repro-
ducible tools, and apply these tools and practices to generate clinical evidence.  

Researchers across our community conduct network studies by identifying a research  
question and defining protocols and analysis specifications to answer their question. Data  
partners across the OHDSI distributed network can opt in to execute the study analysis  
package, sharing aggregated summary statistics (not individual patient data), which are then  
collaboratively interpreted before public dissemination. The OHDSI Evidence Network connects  
researchers and organizations with health data who are interested in collaborating and  
contributing to network studies that generate reliable real-world evidence. 

Our global community always welcomes new collaborators. OHDSI has more than 40 work-
groups, as well as regional chapters and national nodes, that present opportunities for mem-
bers to apply their skills and interests.  

OHDSI Mission
To improve health by empowering a community to  
collaboratively generate the evidence that promotes better 
health decisions and better care.

OHDSI Vision
A world in which observational research produces a  
comprehensive understanding of health and disease.

OHDSI Values
Innovation: Observational research is a field which will  
benefit greatly from disruptive thinking. We actively seek and 
encourage fresh methodological approaches in our work.

Reproducibility: Accurate, reproducible, and well-calibrated 
evidence is necessary for health improvement.

Community: Everyone is welcome to actively participate in 
OHDSI, whether you are a patient, a health professional, a 
researcher, or someone who simply believes in our cause.

Collaboration: We work collectively to prioritize and address 
the real-world needs of our community’s participants.

Openness: We strive to make all our community’s proceeds 
open and publicly accessible, including the methods,  
tools and the evidence that we generate.

Beneficence: We seek to protect the rights of individuals  
and organizations within our community at all times.
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OHDSI’s research has 

been presented across  
various scientific societies, 
such as American Medical  
Informatics Association 
(AMIA), American Statistics 
Association (ASA/JSM), and 
International Society of  
Pharmacoepidemiology 
(ISPE), and published in top  
medical journals, including 
The Lancet, JACC, JAMA, 
BMJ, PNAS and JAMIA. It 
has also informed regulatory 
agencies, such as the U.S. 
Food & Drug Administration (FDA) and the European Medicines Agency (EMA). 

 
Please learn more about OHDSI 

through this publication and

 Join The Journey!

OHDSI Mission and Values

The Department of Biomedical Informatics at Columbia University (DBMI) serves as the 
coordinating center for the OHDSI community. 

Biomedical discovery, everyday patient health, and healthcare delivery are all entering a new era. 
AI, data streams from molecular to clinical to patient-generated, and new ways of understanding 
health are opening possibilities that didn’t exist a decade ago. Researchers are also learning how 
patients, scientists, and clinicians can build safe, productive partnerships with technology. 

The Department of Biomedical Informatics (DBMI) at Columbia University works to turn these 
possibilities into reality, through research, education, and our partnership with NewYork- 
Presbyterian Hospital.

DBMI is one of the oldest informatics departments in the U.S., and its faculty helped establish the 
field itself. Early work on clinical information systems,  
clinical natural language processing, and machine learning 
for health data shaped how the discipline developed. A  
collaborative, interdisciplinary department, DBMI faculty 
and students apply informatics to advance the field for the 
next generation of researchers, using AI to tackle the  
problems facing medicine today and get ahead of the ones 
still to come.

III. 
OHDSI 

Collaborators

How OHDSI Works
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Map of CollaboratorsMap of Collaborators
The OHDSI community brings together volunteers from around the world to  

establish open community data standards, develop open-source software,  
conduct methodological research, and apply scientific best practices to  
answer public health questions by generating reliable clinical evidence.

OHDSI 
By The Numbers

• 5,386 collaborators in OHDSI
   MSTeams
• 100 countries with at least one 
   collaborator
• 10,939 followers on LinkedIn
• 6 continents
• 1 community

OHDSI Collaborators
Our community is ALWAYS seeking new collaborators. Do you want to focus on data 

standards or methodological research? Are you passionate about open-source  
development or clinical applications? Do you have data that you want to be part of 
global network studies? Do you want to join a global community that truly values the 
benefits of open science? Add a dot to the map below and JOIN THE JOURNEY!

* as of October 7, 2026
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Join Our Workgroups Join Our Workgroups 
Improving health around the world is at the core of everything OHDSI does, and 

getting there takes every corner of our community. Real progress requires diverse 
perspectives across data standards, methodological research, open-source tool 
development, and clinical evidence generation. No matter where your expertise lies, 
there is a place for you.

Our workgroups are the heartbeat of that effort. Guided by the dedicated leads  
featured across these pages, these groups offer a welcoming space for anyone  
looking to turn their curiosity and skills into real-world impact. Whether you are  
attending your very first call or have been collaborating with us for a decade, your 
voice matters here. Find a topic that sparks your interest and jump in! 

Christopher Knoll

ATLAS/WebAPI

OHDSI Collaborators OHDSI Collaborators

GIS - Geographic Information Systems

Marti Catala Sabate

Tidy R

Callum Harding

Somayeh Abedian

Open EHR & OMOP

Jen Wooyeon Park

Medical Imaging

Atif Adam

Industry

Alexey Manoylenko

Jared Houghtaling

Clair Blacketer

Evidence Network Partners

Shounak Chattopadhyay

Robert Miller

Paul Nagy

Ben Martin

Kenneth Wilkins

Clinical Trials

Martijn Schuemie

Kelly Ashby

Eye Care and Vision Research

Harry Reyes Nieva

Early-Stage Researchers

Clair Blacketer

Anthony Sena

Health Equity

Sally Baxter

Paul Nagy

Nicole Gerlanc

Common Data Model

Atif Adam

Cindy Cai

Teri Sippel

Anna Ostropolets

CDM Survey

Eugene Paulenkovich

HADES

Michelle Hribar

Adam Kiehl

Electronic Animal Health Records

Raivo Kolde

Tidy R

Xiaoyan Wang

Rare Disease

Jenna Reps

Patient-Level Prediction (PLP)

Seng Chan You

Eva Oakkar

Michal Mankowski

Transplant

Jenna Reps

REVEAL

Chunhua Weng

Ross Williams

Martijn Schuemie

Methods Research

Sarah Seager

Alexander Davydov

George Hripcsak

Esther Janssen

Rehabilitation

Rupa Makadia

Perinatal & 
Reproductive Health

Marc Suchard

Oliver He

Patrick Ryan

Steering

Ruud Selles

Gowtham Rao

Vipina Keloth

Natural Language Processing

Mui Van Zandt

Jenny Lane

Lies Lahousse

Respiratory Research

Azza Shoaibi

Hua Xu

Asiyah Lin

Medical Devices

Katia Verhamme

Dmytry Dymshyts

Psychiatry

Asieh Golozar

Oncology

Matthew Matheny Paul Nagy

Medical Imaging

Evan Minty

Surgery and Perioperative Medicine

Melanie Philofsky

Robert Koski

CDM Vocabulary

Wayde Shipman

Martijn Schuemie

Melanie Philofsky

Dentistry

Education

Gen. AI & Analytics

Health Systems

Phenotype Development & Evaluation

Psychiatry

Themis

Sarah Seager

Women of OHDSI

Asiyah Lin Jared Houghtaling

WaveformVaccine Vocabulary



14 15#JoinTheJourney #JoinTheJourneyOHDSI.org OHDSI.org

Our Journey 2026 Our Journey 2026OHDSI Collaborators OHDSI Collaborators

OHDSI Around The World
The OHDSI community is united by a vision, but its power comes from its global 

presence. Across continents and cultures, collaborators work together to advance 
health through open science. These images highlight recent events around the world 
that bring collaborators together to drive OHDSI’s mission forward.

Salvador, Brazil (2026)

Sydney, Australia (2023)

Washington, D.C., USA (2022) Mumbia, India (2024)

Rotterdam, Netherlands (2026)

Kampala, Uganda (2025)

Upcoming 
events:

  Nov 13-15, 2026 • APAC 
Symposium (Seoul, Korea)
  Nov 17-18, 2026 • Canada 
Symposium (Toronto, Ont.)
   April 6, 2027 • Europe
      Symposium (Helsinki,  
                  Finland)

Taipei, Taiwan (2022)

National Nodes leads came together during the 2025 Europe Symposium

OHDSI EuropeOHDSI Europe
Europe’s health data landscape is diverse: in data, vocabularies, governance and 

infrastructure. This diversity is a strength, but it also makes collaboration across 
borders challenging. National expertise is essential to understand local data and 
regulatory contexts, while shared standards, methods and coordination are needed 
to make those data reusable beyond national boundaries.

OHDSI Europe connects these two levels. It brings together National Nodes, data 
holders, researchers, policymakers and other stakeholders around a shared  
approach to generating transparent, reproducible real-world evidence. By aligning 
local implementation with European collaboration, OHDSI Europe helps reduce  
duplication, share practical solutions, strengthen capacity and make multinational 
research easier to conduct.
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18 National Nodes
One European NetworkOne European Network

The OHDSI Europe National Nodes form a distributed network of national  
coordination hubs, bringing together local expertise to support the adoption,  
implementation and long-term sustainability of OMOP and the wider OHDSI  
community across Europe.

Their strength lies in their proximity to the local context. Nodes understand their 
country’s data, coding systems, stakeholders and policy environment, and connect 
this expertise to the wider European and global OHDSI community. Together, the 
Nodes help turn Europe’s diversity into an asset for collaborative, reproducible  
research.

Visit our website 
ohdsi-europe.org

to discover all activities of our
National Nodes, or take a look at 

the 2025 annual overview.

From Local Expertise …From Local Expertise …
The European coordinating center at Erasmus MC brings together national efforts, 

aligns standards, and creates the conditions for trusted, scalable and reproducible 
real-world evidence, across borders and for the benefit of patients, researchers and 
society.

Join OHDSI EU to access a network of researchers, healthcare organizations,  
regulators, policymakers and data partners across 26 OMOP-adopting countries. 
Learn from peers, contribute to open-source tools and methods, participate in  
multinational studies, and help shape the future of health data reuse in Europe.

… to European Evidence… to European Evidence
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Off-The-Shelf Studies	 These are mainly characterisation questions that can be executed 
	 with a generic protocol. This includes studies on disease 
	 epidemiology, for example the estimation of the prevalence or 
	 incidence of health outcomes in defined time periods and population
	 groups, or drug utilization studies at the population or patient level.

Complex Studies	 These are studies requiring development or customisation of specific 
	 study designs, protocols, analytics and phenotypes. This includes 
	 studies on the safety and effectiveness of medicines and vaccines.

Routine Repeated 	 Routine analyses based on Off-The-Shelf or Complex Studies (see
Analyses 	 above), which are repeated with a pre-specified regularity (e.g. yearly)

Very Complex Studies	 Studies which cannot rely only on electronic health care databases, 
	 or which require complex and/or novel methodological work

OHDSI Collaborators

DARWIN EU®
The European Medicines Agency (EMA) and the European Medicines Regulatory 

Network established a coordination centre at Erasmus University Medical Center  
Rotterdam to provide timely and reliable evidence on the use, safety and  
effectiveness of medicines for human use, including vaccines, from real world  
healthcare databases across the European Union (EU). This capability is called the 
Data Analysis and Real World Interrogation Network (DARWIN EU®).

The DARWIN EU® data network currently includes 40 data partners across 18  
nations — comprising more than 263 million patients — that have been mapped to the 
OMOP common data model. Multiple OHDSI Titan Award winners can be found leading 
the DARWIN EU® coordination centre, and many OHDSI tools, methods and practices 
are present in completed and ongoing studies.
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Types of Studies
Category Description

Peter Rijnbeek
Erasmus MC 

 
Executive Director,

Technology 
Pillar Lead

Dani Prieto-Alhambra
Erasmus MC, 

Oxford University 
Deputy Director,

Development 
Pillar Lead

Katia Verhamme
Erasmus MC

 
Deputy Director,

Study Operations 
Pillar Lead

Carlos Diaz
Synapse Research 
Management Partners

Management 
Pillar Lead

Maxim Moinat
Erasmus MC 

 
Network Operations

Pillar Lead

DARWIN EU Objectives
1) To establish and maintain a continually  
enlarging network of accessible observational data 
sources
2) To execute all steps of high quality non-inter-
ventional studies with the network
3) To make the study results available to the EU 
Regulatory network to support decision-making

darwin-eu.org

https://darwin-eu.org/
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EHDEN Foundation
EHDEN — the European Health Data & Evidence Network — was launched in 2019 

to address the challenges of generating insights and evidence from real-world  
clinical data at scale throughout Europe. Building on OHDSI tools and practices,  
EHDEN developed a public-private consortium consisting of 25 organizations that 
successfully implemented its mission: to provide a new paradigm for the discovery 
and analysis of health data in Europe, by building a large scale, sustainable federated 
network of data sources standardised to the OMOP common data model.

EHDEN leaders recognized the need to continue this work, so they created the 
EHDEN Foundation, which set a mission to operationalize a new paradigm for the 
discovery and analysis of health data, building on a large-scale federated network of 
data sources standardized to the OMOP CDM.

To implement its vision, the EHDEN Foundation will 
maintain the EHDEN Catalogue and EHDEN  
Academy, create research opportunities for multiple 
stakeholders, execute federated studies and support 
methodological and technical developments to  
further expand and improve the Data Partner Network 
in strong collaboration with the OHDSI community.

Key Research Activites for the EHDEN Foundation

EHDEN Foundation Vision: The EHDEN 
Foundation aspires to be the trusted key  
actor in Europe to facilitate and accelerate 
the generation of high-quality real-world  
evidence to improve healthcare of patients.

Learn More:    www.ehden.eu

OHDSI Collaborators

One of the most exciting developments over the last decade within our community 
has been the spread of OHDSI throughout the Asia-Pacific (APAC) region. Annual 
symposia have been held in Taiwan, Australia, Singapore and China, and the 2026 
event will take place Nov. 13-15 at Yonsei University in Seoul, Korea.

The APAC community is engaged in multiple network studies, and it convenes 
twice a month in our MS Teams environment for either a scientific forum or a  
communnity call. Both veteran leaders and inspiring junior researchers are pushing 
forward the OHDSI mission, and we continue to see new countries form — or are in 
the process of forming — national nodes. 

Lutfan Lazuardi Tatsuo Hiramatsu

Mengchun Gong Swetha Kiranmayi

A.B. Awang Mahmud

Vikram Patil

Mornin Feng

Parthian Sulur

2026 APAC Symposium
Nov. 13-15 • Yonsei Med. School • Seoul, Korea

Registration is open for 
the 2026 OHDSI APAC 
Symposium, which will take 
place at Yonsei University 
in Seoul, Korea. This 3-day 
event begins Friday, Nov. 
13, with a main conference. There will be four  
sessions focused on the 5 R’s: (1) Regulatory, 
(2) Reproducible & Reliable (AI), (3) Regional but 
Global, and (4) Research in Action.

Tutorials and the datathon will take place Nov. 14. 
Datathon team activities and presentations will be 
held Sunday, Nov. 15. All details can be found at 
www.ohdsi.org/apac2026.

OHDSI Asia-Pacific

ChinaAustraliaAPAC India

SingaporeMalaysia TaiwanJapan Republic of KoreaIndonesia

Mui Van Zandt Nicole Pratt Lei Liu

Jason HsuRae Woong Park Seng Chan You

http://www.ehden.eu
http://www.ohdsi.org/apac2026
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Support The Journey
The OHDSI community comprises a global team of volunteers who collaborate 

together using open-source tools and share best practices to support our shared 
mission of generating real-world evidence that promotes better health decisions and 
better care. 

In order to foster growth in our community, the OHDSI Coordinating Center at  
Columbia University has created a sponsorship program and an advisory board. 
These programs allow both corporations and individuals to make meaningful  
contributions in support of OHDSI’s central coordinating activities. Any amount of 
support enhances both our community and our mission.

If you are interested, please reach out to sponsorship@ohdsi.org.

Coordinating Center Support
• Provides central shared infrastructure and coordinates  

community activities to enable collaborations that advance  
OHDSI’s mission

• Leads Steering Workgroup to provide guidance and support to 
enable the community to collaboratively generate evidence and the 
scientific work products necessary to generate evidence

• Supports current OHDSI leaders (workgroups, regional  
chapters, network studies, etc.) to achieve their objectives by  
communicating ongoing activities and successful accomplishments, 
encouraging participation and collaboration throughout the  
community, and empowering future leaders

• Maintains infrastructure and provides support to connect  
collaborators with collaboration opportunities

• Encourages more visitors to become collaborators
• Provides open access to OHDSI evidence and work products, 

including:
    - Distributing standardized vocabularies
    - Supporting open-source software with permissive licenses
    - Encouraging open sharing of study design and implementation
    - Maintaining open access to study results

Coordinating Center Responsibilities
Steward open 

community data 
standards

- vocabularies
- OMOP CDM
- support adoption 
in large multi-center 
intiatives
- foster external  
collaborations (HL7)

Enable 
open-source 
development

- host servers to enable 
development and  
continuous tool testing
- GitHub repo support
- support ATLAS demo
- create central 
infrastructure

Facilitate methods 
research & 

clinical applications
- host ATLAS  
collaboration environment
- support Evidence 
Network and ongoing 
network studies
- lead studies and  
develop tools

Encourage open 
sharing & evidence 

dissemination
- host OHDSI RShiny 
servers for open  
sharing of results (more 
than 230 RShiny  
applications, including 
LEGEND)
- built results.ohdsi.org

Foster collaboration 
& empower  
community

- host and fund annual 
Global Symposium
- maintain forums, MS 
Teams
- facilitate weekly  
community calls, website, 
all other communications

Coordinating Center Costs: >$1M annually

Advisory Board
Columbia University recently created the  

Advisory Board of Columbia OHDSI program. 
The goal of the OHDSI Advisory Board is to 

ensure OHDSI operates according to the  
established values, vision, and mission. A seat 
on this board costs $100,000 per year. These 
funds are used to support costs associated 
with running OHDSI, including but not limited 
to programming and knowledge engineering 
support for the OHDSI vocabulary, cloud service 
management, data analytics, and the annual 
OHDSI conference. OHDSI Advisory Board mem-
bers advise on OHDSI planned activities including 
vocabulary priorities, annual research initiatives, 
and tool development. We thank our current  
Advisory Board member, Boehringer Ingelheim, 
as well as our past one, Amgen.

If you are interested in learning more or  
in joining the board, please email George  
Hripcsak: hripscak@columbia.edu.

OHDSI Collaborators

Continued Growth
While symposia in the USA, Europe and the Asia-Pacific region have become annual 

occurences, our community has hosted recent events across Africa, Latin America and 
Canada with the shared goal of welcoming new collaborators and data partners to our 
global community. 

Thank you to our local leaders who have helped bring OHDSI to new places, and to 
those who plan to do the same in coming years. 

LATAM Symposium • July 30-31, 2026 • Salvador, Brazil

Canada Symposium • Nov. 17-18, 2025 • Toronto, Ont.

Africa Symposium • Nov. 10-12, 2025, Kampala, Uganda

Adam Bouras Agnes Kiragga

Valentina Martufi Julio Oliveira

Georgina Archbold Lisa Lix Alison Park Darya Zhukova
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CRHFEI • Critical Path Institute • CRIUCPQ • CRO Aviano • Croatian Institute of Public Health • CSIDNet • CSL Vifor • CTB (Centro de Tecnologia Biomedica) • 
CUHAS BUGANDO • Cultural Agents • CuriMeta, Inc. • CVP • CyberXdefend • D-Fine • Daccude • Daegu Catholic University Hospital • Daiichi Sankyo • Dana-Far-
ber Cancer Institute • Danish Medicines Agency • Danylo Halytsky LNMU • Dartmouth College • Dartmouth Health • DASA • Data Harmonise Ltd • Data InterOps • 
Data4Life • Databricks • Datack Inc. • DataRiver S.r.l. • Datasus Ambulatory • Datavant • Dayananda Sagar University • dbTwin • De La Salle University • Debre 
Berhan University Asrat Woldeyes Health Science Campus • Dedalus • Deepthinkhealth Inc • Defense Health Agency • Delft University of Technology • Deloitte 
Consulting LLP • Delta Dental • Democritus University of Thrace and Athena Research CEnter • Dentistree Dental Practice • DHC • DHD • Diaceutics • DICA • 
DIGI/ITECH • Digital Diagnostics • Digital Health China Technologies • Digital Hive • Digital Scientists • Digital Storms Intelligence • Digulab Ltd. • DNAlytics • 
DNAnexus • DNV • Doctors with Africa • Dongguk University • Dow University of Health Sciences • Dr. Sasa Nutrition & Fashion • DRG • Drug Safety Research 
Unit • DS-ZOOFOOD Training Programme • Duke University • Duke-NUS Medical School • EAU • Eau Claire Cooperative Health • EBMT (EU) • Ecraid Foundation 
• edenceHealth • Edinburgh Cancer Centre • EEPA • EGCUT • Egen Solutions • EHDEN Foundation • EISBM • El Camino Health • ElderGuard Corp. • Electronic 
Health Solutions • Elevance Health • Eli Lilly and Company • Elmergib University • Elnora Consulting • Elsevier • Elumina Health Inc • Emory University • Endpoint 
• EPAM Systems • Ephir, Inc • Epic Systems • EQTY Life Sciences • Erasmus MC • Erasmus University Rotterdam • ERBE • Eric Cox Consulting LLC • Escola 
Superior de Saude do Porto • ESIC MCH FARIDABAD • Essex Management • ESZFK Egeszseginformatikai Szolgaltato es Fejlesztesi Kozpont • EUCL • 
European Clinical Research Alliance for Infectious Diseases • European Federation for Medical Informatics & Andalusian Health Service & Institute of Biomedicine 
of Seville • European Health Management Association, Westminster University in Tashkent • European Medicines Agency • Evidentli Pty Ltd • Evidera • Evidnet • 
Ewha Womans University Mokdong Hospital • Exactis Innovation • Excelra • EXL • Eye to Eye Telehealth • Faculty of Pharmaceutical Medicine • Faculty of 
Science, University of Lisbon • FairCuratorLtd • Fairview Health Services • FCC • Federal University do Vale do Sao Francisco • Federal university dutse • Federal 
University of Santa Catarina • FeelBetter • FemTec Health • FHI 360 • FIBH12O • Fifth Affiliated Hospital of Sun Yat-sen University • FIIBAP • FinnGen • Finnish 
Cancer Registry • Finnish Institute for Health and Welfare • Fiocruz • Fiona Stanley Hospital • First Databank • First Line Software • FISABIO-HSRP • Fisicaid • 
FITec • Flatiron Health • Flinders University • Florida State University • FluidAI Medical • Fluminense Federal University • Fondazione IRCCS Ca’ Granda Ospedale 
Maggiore Policlinico • Fondazione IRCCS Istituto Nazionale dei Tumori di Milano • Fondazione IRCCS Istituto Neurologico Carlo Besta • Fondazione IRCCS 
Policlinico San Matteo • Fondazione Poliambulanza • Fondazione Toscana Gabriele Monasterio • Formation Bio • Foundation for Advancing Science, Technology, 
Education and Research (FASTER) • Foundry at Clarke international university • Fourier Intelligence • Fraunhofer Institute for Digital Medicine MEVIS • Fred 
Hutchinson Cancer Center • Freenome • Frekil • Freyr Ltd • FRS • Fudan University • Fujitsu • Funcional Health Tech • Fundacao Jose Silveira • Fundacio Althaia • 
Fundacio Institut • Fundacio Sant Joan de Deu • Fundacion Rioja Salud • FUS • Fusion Consulting Inc. • Future Wellness Group • G Kuppuswamy Naidu Memorial 
Hospital • G42 Healthcare • GA4GH • Gacheon Gil Hospital • Galapagos NV • Gangbuk Samsung Hospital • Gangdong Sacred Heart Hospital • Gardenia Chain of 
pharmacies • Gastro Health • GastroStrat • Gates Foundation • Gates Medical Research Institute • Gates Ventures • GE Healthcare • Gedeon Richter Plc. • 
Geisinger • Gene Solutions • Genea • Genentech • General Hospital Of Kavala • GENerX Life • Genesis Research Group • Geneva Tumor Registry • Genmab • 
Genome BC • Genomics England • Gentofte hospital • George Institute for Global Health, UNSW Sydney/Indonesian Overseas Alumni Association • George 
Mason University • George Washington University • Georgetown • Georgia Institute of Technology • Georgia State Honors College • Gerencia Asistencial Atencion 
Primaria Madrid • German Cancer Research Center • German Center for Diabetes Research (DZD) • German Rheumatology Research Center • Germantown 
Academy • Getrude’s Children Hospital • Ghent University • Gilead Sciences • Gitam University • Global Health Data Services • Global Value Web • Glsmed 
Learning Health • GMCK • GMV • Google • Gotthardt Healthgroup AG • Government of the Northwest Territories • Grampians Health • Grand Hopital de Charleroi • 
Grassrootwalkers • Gray & Associates • Great Neck North High School • Great Ormond Street Hospital • Greenhow Consulting LTD • GriCoDa • Griffith University • 
GRUPO AUNA • GSK • Gunma Kokusai Academy • Guy’s & St. Thomas’ NHS Foundation Trust • H2O.ai • Hackensack Meridian Health • Hail University, College 
of Pharmacy, and King Salman Specialist Hospital • Hainan Institute of Real World Data • Halimatu Musa Hospital • Hallym University • Hamad Medical Corpora-
tion Ambulance Service • Hanoi University of Industry • Hanover Medical School (Germany) • Hanyang University • Haramaya University • HARMONY Alliance 
Foundation • Harrisburg University of Science and Technology • Harry Perkins Institute of Medical Research • Hartford HealthCare • Hartwig Medical Foundation • 
Harvard Medical School • Harvard Pilgrim Health Care Institute • Harvey Walsh Ltd • Hasselt University • Hasso Plattner Institute • Haute Autorite de Sante • HCHE 
• HCSC • HDR UK • Health Compiler Inc • Health Data Hub (France) • Health Data Research UK • Health Informatics Centre (HIC) School of Medicine, University 
of Dundee • Health Insurance Review and Assessment Service • Health Sciences Authority • Health Service Executive • Health Shared Services • Health Value 
Alliance • Health-RI • Healthark • Healthcare consultancy group • Healthcare Innovation Catalysts • Healthcare Triangle Inc • Healthcore • HealthPartners • 
HealthVerity • Hebei Mental Health Center • Heidelberg Institute of Global Health • Heliant ltd • Helix • Helmholtz Munich • Helsinki University Hospital (HUS) • 
Helwan University • Hengrui Pharmacuetical • Hennepin Healthcare Research Institute • Henry Ford Health • Hierarchia D.O.O. On Behalf Of University Hospital 
Centre Zagreb • Higher Institute for Scientific and Medical Research • Highmark • HIKE HEALTH • Hilltop Digital Lab • Himformatics • Hinge Health • HITLAB • HL7 
• HM Hospitals • HMAI • Holmusk • Holon Institute of Technology • Hope for Children’s Health Foundation • Hopital Universitaire de Bruxelles - Institut Jules Bordet 
• Hospital Authority • Hospital da Luz Learning Health • Hospital del Mar • Hospital do Espirito Santo de Evora • Hospital for Sick Children • Hospital Israelita Albert 
Einstein • Hospital Italiano de Buenos Aires • Hospital Sirio-Libanes • Hospital U. Fundacion Alcorcon • Hospital Universidad del Norte • Hospital Universitari de 
Bellvitge • Hospital Universitario 12 de Octubre • Hospital Universitario La Paz • Hospital Universitario Virgen Macarena • Hospital Universiti Malaysia Sabah • 
Houston Methodist • HSCNI • HSR.health • Hult International Business School • Humana • Humancentric Health Ecosystem • Humanitas Mirasole s.p.a. • 
Humanized Health Consulting, LLC • Hyper Unison • Hypha • HZDR • I.S.F College of Pharmacy • I3PT - Institut d’Investigacio i Innovacio Parc Tauli • IACS • Ibis.
ai • IBM • Icahn School of Medicine at Mount Sinai • ICES • ICIPE • ICON • ICVS (Portugal) • IDIAP Jordi Gol • Idisba • Idival • IGPM • iHealth Data Sciences LLC • 
IHHN • IIAS • IIHMR, Bangalore • IIIT Guwahati • IISER Pune • Imam Abdulrahman Bin Faisal University • IMASIS • IME • imec-SMIT, Vrije Universiteit Brussel • 
Imosphere Ltd • Impact Business Information Solutions, Inc. • Imperial College London • INAH • Incheon Sejong Hospital • InCRyptable Consulting Group • Indian 
Society for Clinical Research • Indiana University • Inductive quotient analytics pvt ltd • Infectious Diseases Institute • Inferscience • Infinite Computer Solutions • 
Informedica LLC • Infosys • Inha University Hospital • Inje University Seoul Paik Hospital • Innovaccer • Innovative Medical Research SA • Inova Health • INRIA • 
Inselspital, Bern University Hospital • INSERM US14 Orphanet • Insight Health • INSPIRE EAST AFRICA • Institut Catala d’Oncologia • Institut Jules Bordet • 
Institute for Clinical Research • Institute for Evidence-Based Health (ISBE) • Institute for Health Metrics • Institute for Implementation Science and Health • Institute 
of Computer Science, University of Tartu • Institute of Human Virology Nigeria • Institute of Medical Bioinfomatics and Systems Medicine • Institute of Medical 
Biostatistics, Epidemiology and Informatics • Institute of mental health • Institute of Molecular and Translational Medicine Faculty of Medicine and Dentistry Palacky 
University Olomouc • Institute of Nuclear Medicine • Institute of Science and Technology Austria • Instituto de Investigacion Biomedica de Malaga y Plataforma en 
Nanomedicina (IBIMA Plataforma BIONAND) • Instituto Mexicano del Seguro Social • Int’l Uni of Health And Welfare • Integra Connect • Integrated Solutions for 
NCDs • Integration Corp. • IntelliSOFT Consulting Limited • Intermountain Healthcare • International Society for Pharmacoepidemiology • International University of 
Health and Welfare • InterSystems • Intuitive • Inventivtechnology.Com • Invinite • Invisibl Cloud • IOMED Medical Solutions • Iowa State University • IPRO • Ipsen • 
IQVIA • Iran Cochrane Associate Center • Iraqi Pharmacovigilance Center • IRCB • IRCCS Azienda Ospedaliero-Universitaria di Bologna • IRCCS INRCA • IRCCS 
Istituto Romagnolo per lo Studio dei Tumori (IRST) “Dino Amadori” • IRCCS Ospedale San Raffaele • IRCCS Policlinico San Donato • IRESSEF • ISBST & 
National School of Computer Sciences, Tunisia • Islamia University of Bahawalpur • Ispaj • Istanbul University Istanbul Faculty of Medicine • Istanbul Univer-
sty-Cerrahpasa • ISU • IT-M GmbH • Italian College of General Practice and Primary Care (SIMG) • Italian Society of rheumatology • ITClinical • ITTM • IVADO 
Labs • J. Craig Venter Institute • Jackson State University • Jacobi Medical Center • Jayne Koskinas Ted Giovanis Foundation • Jiangsu Province Hospital • 
Jiangsu Second Chinese Medicine Hosital • JIBB Enterprises LLC • Johns Hopkins University • Johnson & Johnson • Joint Clinical Research Centre • Joint 
Shantou International Eye Center, Shantou University & the Chinese University of Hong Kong • JSI • JSS Academy of Higher Education & Research, Mysuru • 
JuliaHealth • Juntendo Uni SOM • Kabale University • Kainos • Kaiser & Preusse • Kaiser Permanente • KAIST • Kampala International University • Kangwon 
National University Hospital • Kansas State University • Kappa Medical K.K. • Karolinska Institutet • Karolinska University Hospital • Kathmandu University • 
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Organizations Involved With OHDSIOrganizations Involved With OHDSI
OHDSI is a global community of collaborators. Many of the individuals  

represent organizations who contribute to and benefit from their participation 
in the OHDSI community. OHDSI is proud to collaborate with the more than 
1600 organizations listed below, and looks forward to other organizations  
joining the journey as well.
23andMe • 2Ca-Braga • 3iS • 3PH Alliance • 55 Degrees Digital Ltd • A*STAR • Aalborg University Hospital • Aarhus University • Aarhus University Hospital • AAUP 
• Abbott • AbbVie • Academy of Nutrition and Dietetics • ACCD • Accenture • Accenture Life Sciences Informatics • Accompany Health • ACEP • Actelion Pharma-
ceuticals • Acumen Analytics, Inc. • ADA • ADC Data and AI Consultancy • Addis Ababa University • Aditya Birla Health Services Pvt Ltd • Advantmed • Advocate 
Health • AEMPS - Spanish Agency of Medicines and Medical Devices • AeroDel Technology Innovation Pvt Ltd • Aetion • Affine Health • Affinity Networks, Inc. • 
Africa Centers of Excellence in Bioinformatics and Data Intensive Sciences (ACE) • Africa Institute for Health Policy • Africa Research Institute For AI • African 
Population and Health Research Center • African Potential Group • Aga Khan University • Agenzia Di Tutela Della Salute Della Provincia Di Bergamo • Agora Labs 
• Ahfad University for Women • AHRI • Ainigma Technologies • Airlangga University • AIT Austrian Institute of Technology GmbH • Ajou University • Akrivia Health • 
Albany College of Pharmacy and Health Sciences • Albert Einstein College of Medicine • Alberta Health Services • Alcon Vision • Alex Ekwueme Federal University 
Teaching Hospital • Alexion Pharmaceuticals • Algorithm & Blues Inc. • Alira Health • All of Us Research Program • Allscripts • Altera Health • Am Logics Inc. • AMC 
Medical Research BV • American Academy of Neurology • American Academy of Ophthalmology • American College of Cardiology • American College of 
Radiology • American Joint Committee on Cancer • American Medical Association • American Society of Hematology • American Thrombosis and Hemostasis 
Network • Amgen • Amica Health • Amphora Health • Amsterdam UMC • Analisis Estadisticos PeRTICA S.L. • Analitica • Analysis Group • Ancora • Andalusian 
Health Service • Andrija Stampar School Of Public Health • Angen • Annexus Health • Answer ALS • Answer Digital • Anthem • Antwerp University Hospital (UZA) • 
AOTMiT • AOU Meyer IRCCS • APDP • APDP Diabetes Portugal • Apervita • Apollo Medical College • Aptive Resources • AQS • Arba Minch university • Arcadia Inc 
• Architectural Medicine LLC • ARDC • Aridhia Informatics Ltd • Aristotle University of Thessaloniki, Greece • Arizona State University • Arkhn • Armauer Hansen 
Research Institute • Army Medical College • Arrowhead Pharmaceuticals • ARS Toscana • Artexe S.p.A. • Artidis • Asan Medical Center • Ascension • Ascension 
Borgess Hospital • ASCO CancerLinQ • Asociacion Instituto De Investigacion Sanitaria Biocruces Bizkaia • Aspen Vibrational Health, LLC • Assistance Publique 
- Hopitaux de Marseille (AP-HM) • Assistance Publique - Hopitaux de Paris (AP-HP) • Association EISBM • ASST Papa Giovanni XXIII • Assuta Medical Centers • 
Astellas Pharma • AsterInsights • AstraZeneca • ASU • Athenahealth • Atlantic Health System • Atma Jaya Catholic University of Indonesia • Atrium Health Wake 
Forest Baptist • AU-EPBRN • AUNA • AUSL Parma • AUSL-IRCCS di Reggio Emilia • Austin Health • Australian Bureau of Statistics • Australian Department of 
Veterans’ Affairs • Australian National University • Australian Research Data Commons • Autonomous University of Madrid • Avenga • Avenue Code • Avera 
Research Institute • Avidence • AWS • Axians • Axiomedix • AXP Medical • AxTalis • Az Damiaan • AZ Delta • Az Groeninge • Az Klina • AZ Maria Middelares • AZ 
Sint-Lucas & Volkskliniek • Azienda Ospedaliera Nazionale Ss. Antonio E Biagio E Cesare Arrigo Alessandria • Azienda Ospedaliera Universitaria (Aou) Di Modena 
• Azienda Ospedaliera Universitaria Integrata Verona • Azienda Ospedaliero-Universitaria di Parma • B2I Healthcare • Bahia Software • Bahir dar University • Balkh 
University Family of Medicine • Bambino Gesu Children’s Hospital • Bangabandhu Sheikh Mujib Medical University • Bangkok University • Baptist Health South 
Florida • Bar Ilan • Barcelona Supercomputing Center • Baroda Medical College, India • Barts Cancer Institute • Barts Health NHS Trust • BAV Medical College, 
Pune • Baxter • Bayer • Baylor College of Medicine • Baylor Foundation Uganda-Mulago Hospital • Baylor Scott and White Health • BC Platforms • BCB Medical 
Oy • BCR • BDM Consulting • BehaTechs • Beijing Normal Hong Kong Baptist University • Beijing Safe House • Belgian Cancer Registry • Ben-Gurion University • 
Bendigo Health • BGI Research • Bhumibol Adulyadej Hospital • Binghamton University • Biogen • Bioinformatics Institute • BIOMERIS • BioSci Consulting • BioT • 
BioVana Research • BITAC MAP, SL • Black Swan Causal Labs • Blackford Analysis • Boehringer Ingelheim • Bonadt • Booz Allen Hamilton • Bordeaux Hospital • 
Boston Medical Center • Boston University • Botswana Medicines Regulatory Authority • BRAC University • Bradford Teaching Hospitals NHS Foundation Trust • 
Brazilian MOH • Bristol-Myers Squibb • Bronx RHIO • Brown University • Bruce Consulting and Co • BSMU • Bucheon Hospital • Buddhimed Technologies • 
Busitema University • Caliber • California University of Science and Medicine • Cambridge University Hospitals NHS Foundation Trust • Campbell University 
School of Osteopathic Medicine • Canadian Institute for Health Information • Cancer Registry of Norway • Cancer Treatment Centers of America • Cancer Trials 
Ireland • Cancerdatanet Gmbh • Canterbury Christ Church University • Capgemini • Cardiff University • CareDx • CareEvolution • Careggi University Hospital • 
Carelon Research • CareQuest Institute for Oral Health • Carilion Clinic • Carnegie Mellon University • Casa di Cura Privata del Policlinico • Cascador Health • 
Case Western Reserve University • Catholic University of Korea • CBWCHC • CCHO FZ LLC • CCIR • CDPHP • Cedars-Sinai • Cegedim • Center for Child Health 
• Center for Translationel Kardiologi og Pragmatiske Randomiserede Forsog (CTCPR) • Center of Clinical Research, Shanghai Children’s Medical Center • 
Centers for Disease Control and Prevention • CENTRAL ASIAN MEDICAL UNIVERSITY • Central Michigan University • Central South University • Centre de 
recherche Azrieli du CHU Sainte-Justine • Centre for Health Analytics, Melbourne Children’s Campus • Centre for Health Informatics, University of Calgary • Centre 
for Prevention of Stroke and Dementia, Nuffield Department of Clinical Neurosciences, University of Oxford • Centre Hospitalier Universitaire De Lille • Centre 
Hospitalier Universitaire De Toulouse • Centric Health • Centro Clinico Champalimaud • Centro de Hemoterapia y Hemodonacion de Castilla y Leon • Centro 
Hospitalar e Universitario de Coimbra • Century Health • Cepobia • Certara • CERTH - Centre for Research and Technology Hellas • CGD Health • CH ACTL 
EPIDEMIOLOGY • Ch Valenciennes • Cha University Bundang Medical Center • Changi General Hospital • Charite - Universitatsmedizin Berlin • Charnumber • 
Chartered Society of Physiotherapy • Chava.cc • CHELSEA AND WESTMINSTER HOSPITAL • Cherokee Health Systems • Chevron Health and Medical • 
Children’s Hospital Colorado • Children’s Hospital Los Angeles • Children’s Hospital of Chongqing Medical University • Children’s Hospital of Philadelphia • 
Children’s National • Childrens Clinical University hospital • China-Japan Friendship Hospital,Chinese Academy of Medical Sciences&Peking union Medical 
College, • Choice Networks Consulting • Chonnam National University Hospital • Christie NHS Foundation Trust • CHU de Montpellier • CHU Liege • Chugai 
Pharmaceutical Co., Ltd. • Chulabhorn Royal Academy • Chulalongkorn University • CIDACS - Centre for Data and Knowledge Integration for Health • Cincinnati 
Children’s Hospital Medical Center • CINTESIS • CIPH - Croatian Institute of Public Health • Cipherome, Inc. • City Credit Capital UK Ltd. • City of Hope • City of 
Syracuse • Cityblock Health • Claflin University • Claim Clarity • Clarivate Analytics • Clark University • Clemson University • Cleveland Clinic Foundation • Clinica 
Alemana de Santiago • Clinical Architecture • Clinical Center of Serbia • Clinical Centre of Nis • Clinical Data Interchange Standards Consortium (CDISC) • Clinical 
Practice Research Datalink (CPRD) • Clinical Study Support, Inc. • Cliniques universitaires Saint-Luc Bruxelles Belgium • Cloud Senang • Coast General Teaching 
and Referral Hospital • Cobracom, LLC • Cochrane Iran • Cochrane Singapore • CODATA • Cognizant • Collaborate.Eu • College of Medicine, University of Ibadan. 
• Colorado State University • Columbia University • Comac-Medical • Commission for Excellence and Innovation in Health • CommonSpirit Health • Community 
Pharmacy • Comsentimento • ConcertAI • ConvergeHEALTH by Deloitte • Cooperative Health • Copenhagen University Hospital • CORDAID • Coreason • 
Corewell Health • Cornell University • Costello Medical • County of San Diego, PMO • Covance • COVARIANCE P.C. • Covera Health • CPALL • Credible Data • 
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KAUST • Keio University • Kela • Kellogg Eye Center • Kempenhaeghe • Kent and Medway Medical School • Kerman University of Medical Sciences • Khon Kaen 
University • Khoo Teck Puat Hospital • KI Research Institute • Kilimanjaro Christian Medical University College of Management and Development for Health • 
Kilimanjaro Clinical Research Institute • King Abdulaziz University • King George’s Medical University • King Saud Medical City • King Saud University • King Saud 
University Medical City • King’s College London • KIPRE • KLE Academy of Higher Education and Research • Klinicko-Bolnicki Centar Zvezdara • Kmitl • Kmutnb • 
Knight Cancer Institute • Koc University • Konkuk University Hospital • Konyang University Hospital • Kootenai Health • Korea University Anam Hospital • Korea 
University Ansan Hospital • Korea University Guro Hospital • Korle Bu Teaching Hospital • KPMG • KU Leuven • Kyoto University • Kyowa Kirin • Kythera Labs • 
Kyunghee University Hospital • Kyungpook National University Hospital • Kyushu University Hospital, Japan • La Fe Research Institute • La Trobe University • 
Labnetworx Health IT LLP • Lancashire & South Cumbria ICS • Lancashire Teaching Hospitals NHS Foundation Trust • LBI Digital Health and Patient Safety • Lean 
Business Services • Leap of Faith Technologies • Leeds Teaching Hospitals NHS Trust • Leiden University Medical Center • Leipzig University • Leukemia and 
Lymphoma Society • LHS • LHSC • Life Supporting Technologies • Lifebit • LifeGift • Lifeline • LIH (Luxembourg) • Limics • LinkDoc • LMU Munich • Loma Linda 
University • London School of Hygiene & Tropical Medicine • Los Angeles County Department of Health Services: Women’s Health Innovation • Loyola University 
(NOLA) • Loyola University Chicago • LTS Computing LLC • Ludwig Boltzman Institute for Digital Health and Prevention • Lund University • Lundbeck • Lydia.ai • 
LynxCare • M2GEN • Maastricht University • Maharashtra State Pharmacy Council • Mahidol University • MaineHealth • Makerere University • Management 
Sciences for Health • Manchester University NHS Foundation Trust • Manifold AI • Manipal college of Pharmaceutical Sciences, MAHE • Mansoura University • 
Marina Salud S.A. • Masaryk University • Mass General Brigham • Massachusetts Eye and Ear • Mathematica • Mayo Clinic • Mbarara regional referral hospital • 
McGill University • McKesson • McMaster University • MD Anderson Cancer Center • MD Partners, Inc. • MDV (Japan) • MEBM CARE • Medaman BV • Medcase • 
Mederrata Inc • Medexprim • Medibloc • Medical Device Innovation Consortium (MDIC) • Medical Engineering Institute, Inc. • Medical University of Graz • Medical 
University of Innsbruck • Medical university of Lodz • Medical University of South Carolina • Medical University of Vienna • Medicalscan Ltd • MedMana • Medondo 
• MedStar Health • MEE/SERI • Meharry Medical College • Memorial Sloan Kettering Cancer Center • Merative • Mercer • Merck & Co. • MetroWest Medical 
Center • MHRA • Michigan Department of Health and Human Services • Michigan State University • Microsoft • Military University Of Technology • MIM Belgium • 
Minderoo Foundation • Ministry of Health • Ministry of Health of the Republic of Kazakhstan • Ministry Of Health Singapore • Ministry of Health Zambia • Minsait • 
Misoinfo • MIT • MITRE Corporation • MITYUNG INFOTECH (P) LTD. • MLCommons • MLK Community Healthcare • Modus Data GmbH • Moffitt Cancer Center • 
Moh • MOHH • Momentum AD • Monarch Initiative • Monash University • Montclair State University • Montefiore Medical Center • Morehouse School of Medicine • 
Mountains of the Moon University • Moxe Health • MRC/UVRI and LSHTM Uganda Research Unit • MS Forschungs- und Projektentwicklungs-gGmbH • MS Urban 
Research Center • MSFP-gGmbH • MSI-MIASHS (UCAD-Lille 3) • MTG Research and Development Lab • MTPPI • MU Institute for Data Science and Informatics • 
MU Vienna • MUBAS • Murdoch Children’s Research Institute • Myongji Hospital • Myriad Genetics Inc • NACHC • Naikruah Analytics • Nanfang Hospital • Nanjing 
Audit University • Nanjing Medical University • Nanyang Technological University • Naresuan University • NATGO DATA GROUP, INC • National and Kapodistrian 
University of Athens • National Cancer Center • National Cancer Center Hospital East • National Coalition of Independent Scholars • National Health Insurance 
Service Ilsan Hospital • National Heart Center Singapore • National Institute for Biotechnology and Genetic Engineering, PIEAS, Pakistan • National Institute for 
Medical Research Development • National Institute for Public Health and the Environment • National Institute Health Research UK • National Institute of Develop-
ment Administration • National Institute of Public Health (Japan) • National Institutes of Health • National Marrow Donor Program • National Organization of Rare 
Disorders • National University Health System • National University of Hospital (SG_NUH) • National University of Singapore • Nationwide Childrens Hospital • 
Nature Africa • Navarrabiomed • Navigating Cancer • NC DDHS • NCQA • NEC SWS • Nemours Children’s Health • NeoGenomics • Nerevu Group • NESTcc • 
Netherlands Cancer Institute • Netherlands Comprehensive Cancer Organisation (IKNL) • Network Health • Network.Bio • Neuro Monkey Solutions • New York 
Genome Center • New York University • New Zealand Ministry of Health • NextGen Healthcare • NexusRWE • NHIRD • NHS (UK National Health Service) • NICE • 
Nicklaus Children’s Health System • Nigerian Institute of Medical Research • Ninth Medical Center of Chinese PLA General Hospital • Nivel • NJ Department of 
Health • NJIT • NMC Healthcare • NMSNDRC • Nnamdi Azikiwe University • NordicRWE • North-West University • Northeastern University • NorthShore University 
HealthSystem • Northside Hospital • Northumbria Healthcare NHS Foundation Trust • Northwell Health • Northwestern University • Norton Healthcare • Norwegian 
Center For E-health Research • Norwegian Directorate of e-health • Norwegian Institute of Public Health • Norwegian Red Cross • Nottingham Trent University • 
Novartis • Novo Nordisk • Novogene • NovoHeal • NSW Agency for Clinical Innovation • NSW Health • NTNU • NTT DATA Portugal • Nuance Communications • 
Nuffield Health (UK) • Nusantics • NVIDIA • NYC Health + Hospitals • NYU Langone Health • OAKS Consulting • OASYS NOW • OCHIN • Ochsner Health • 
Odysseus Data Services • OHDSI GIS • OHDSI Taiwan • Ohio State University • Okayama University • OMICA.bio • OmniData • OMNY Health • OMOP • 
Oncoclinicas • ONE HealthIT LLC • Opala • Opca bolnica Varazdin (Varazdin County Hospital) • Open Evidence • OPEN Health • OpenMRS • Oppo Guangdong 
Mobile Communication Co., Ltd. • Optigene • Optima • Optimum Patient Care Limited • Optum • Oracle (Cerner) • Oregon Health & Science University • Oregon 
State University • Orizaba Solutions • Oslo University Hospital • Ospedale Galeazzi S.P.A. • Ottawa Hospital Research Institute • Outcomes Insights • OVANTIS • 
OXON Epidemiology • P E P I Consultancy Limited • P.G.M.D. Consulting Srl • P95 • Palacky University, Olomouc, Czech Republic • Pareto Intelligence • Parexel 
International • Paris Saclay Cancer Cluster (PSCC) • Parkland Health • Passion 2 Improve Sverige AB • Paxata • PBR Life Sciences • PCCI • Pedianet • PEDSnet 
• Peking Union Medical College Hospital • Peking University • Pennsylvania State University • Peter MacCallum Cancer Centre • Pfizer • Pharmacovigilance 
Program of India • PHARMDR PTE LTD • PHC-Medicom • PHI Digital Healthcare • Philipps-University of Marburg • Philips • Phitsanulok Provincial Public Health 
Office • PhysioNet • PicnicHealth • Piedmont Athens Regional Hospital, Athens, Georgia • Plinth Analytics • Pontificia Universidad Catolica de Chile • Pontificia 
Universidad Javeriana - Bogota, Colombia • PortoPiccolo Group • Portuguese Institute of Oncology of Porto • Practical BI • Prealize Health • Precision Data • 
Premier Healthcare • Presidio • Previously MARCs institute western Sydney University • Prince of Songkla University • Principia Health Sciences, Inc • PRISM 
Initiative, PBC • Prisma Health • Promptly Health • Providence Global Center • Provincial Health Data Centre (Western Cape) • PSSJD • Public health agency • 
PUCPR • Puhan and Puhan LLP • Pulse Infoframe • Purdue Global/Centene • Purdue University • PurpleLab • Pusan National University Hospital • Pusula 
Software • Pwani University • Qassim University • Quadros de Saude • Quang Ninh Department of Health • QuantHealth • Quantify Research • Quartz • Queen 
Mary University Of London • Queen’s University Belfast • Queens College, CUNY • Queensland Health • Quinten • RAACAI • Radboud University Medical Center • 
Rambam Health Care Campus • RCGP (UK) • Reading University • Red River College • REDCap Cloud • Regeneron • Regenstrief Institute • Region Hovedstaden 
• Region Ostergotland • Reliant Medical Group • RENCI • Republican Mental Health Center • Research Foundation at Suny Albany • Retina Consultants of 
Alabama • Rhino Health • Rice University • RIE TRUST Office (Singapore) • Rigshospitalet • RIVM • Roche • Roivant • Rosebank College • Rostock University 
Medical Center • Royal Children’s Hospital • Royal Surrey Hospital • RTI International • Ruijin Hospital, Shanghai Jiao Tong University School of Medicine • RUIYI 
TECH, CHINA • Rumor.Ml • Rush UMC • Rutgers University • Rwanda Biomedical Centre • Rwanda NCD Alliance • RWE CoE, Medical Affairs • RWJ Barnabas • 
Ryan Health • RYTE.ai • SA Health (Government of South Australia) • Saarland University Hospital • Sage Bionetworks • Saint Louis University School of Medicine 
• Samplcis LLC • Samsung Seoul Hospital • Samutsakorn hospital • Samvit Solutions • San Diego State University • Sanata Dharma University • Sandia National 
Laboratories • Sanford Health • Sanofi • Santa Maria Hospital • Sapienza University of Rome • SAS • Saudi Arabia Ministry of Health • Saudi Food and Drug 
Authority • Savana • Save the Children International • SBSHSL • SC CTSI • Scibite • Sciensano • Scientia Principle Consulting LLC • SciForce • SEA Healthcare • 
Seattle Children’s Hospital • Secretaria Municipal da Saude da Cidade de Sao Paulo • SECTRA AB • Sema4 • SemanticClarity • Semantix • Semmelweis Egyetem 
• Semmelweis University • Semmelweis University Clinical Data • Sensyne Health • Sentara Healthcare • Seoul National University Boramae Medical Center • 
Seoul National University Bundang Hospital • Seoul National University Hospital • SERMAS - Servicio Madrileno de Salud • Servicio Balear de Salud • Servicio de 

Salud Araucania Sur • Servicio Navarro de Salud Osasunbidea • Serving Communities HIO • Seven Bridges • SGT University • Shalvata Metnal Health Center • 
Shanghai Chest Hospital • Shanghai Jiao Tong University • Shankus Cancer Hospital • Shenyang Pharmaceutical University • Shenzhou Medical Technology Co., 
Ltd • Shift Point • Shionogi • Shiraz University of medical sciences • Shri Jagannath Medical College and Hospital • Shuanghe Hospital • Sichuan University • 
SiData+ • Siemens Health Services • Sigma Ingenieria • Sigmadata Consulting Services • SIMeF - Societa Italiana di Medicina Farmaceutica • SIMG (Italy) • 
Singapore General Hospital • Singapore Health Services Pte Ltd • Siriraj Hospital, Mahidol University • Sirius Analytics Group • SIVSA • Six Aims LLC • Slalom • 
SLUHN • Smartanalyst India Pvt Ltd • SMS-SP • SNOMED International • Snowflake • Society of Critical Care Medicine • Soft-Tech • SoftServe Inc • Softwire • 
Sogire • Sogody • Solti • Soonchunhyang University Medical Center • Sorbonne University • South Western Sydney Local Health District • Spanish National Cancer 
Research Center (CNIO) • Spectrum Health • SpinSys • Spok • SRH Fernhochschule • St Joseph’s Healthcare Hamilton - The Research Institute of St Joe’s 
Hamilton • St. Joseph’s Health • St. Jude Children’s Research Hospital • St. Luke’s (Idaho) • St. Peter’s Hospital • St. Peters Health Partners • Stamford Health • 
Stanford University • STATINMED • Stephens Family Clinical Research Institute • STIZON • Stony Brook University • Stryker • Sumptuous Data Science • Sun Life 
Health • Sun Yat-sen University • Sundhedsvasenets Kvalitetsinstitut • Sunnybrook Research Institute • SunyaEK Computing • SURAMERICANA • Surescripts • 
SurgiQuality • Surrey and Sussex Healthcare NHS trust • Swansea University • Swiss Re • Swmu • Syapse • Sydney Local Health District • Symmetric Health 
Solutions • Symmetron Limited • SYNAPSE • Syndena GmbH • Syneos Health • Synergist • Sysmap • Sythem Corporation • Tachyhealth • Taibah University • 
Taipei Medical University • Takeda • Talosix • Tampere University • Tampere University Hospital • Tan Tock Seng Hospital • Tarbiat Modares University • Tartu 
University Hospital • Tata Consultancy Services • Technical University Sofia • Technological University Dublin • Tegria • Tehran University of Medical Sciences • 
Teleflex • Temote Systems • Tempus AI • Terry Fox Research Institute - DHDP.ca • Texas A&M University • Texas Childrens Hospital • Texas Health Resources • 
Texas State University • Texas Zephyr Research • TFS HealthScience • THE GUJARAT CANCER AND RESEARCH INSTITUTE • The Hyve • The Jackson 
Laboratory • Thomas Jefferson University • Tianjin Anding Hospital • Tianjin Medical University • TietoEVRY • Tilburg University • Timformatie • Tokyo University • 
Toppan Holdings Inc • Touro College of Pharmacy • TrakPop Inc. • TransCelerate Biopharma Inc. • tranSMART • Traverse Health • TRC • TrialSpark • TriNetX • 
Trinidad Eye Hospital • Trio Health • Triomics • Tritonis inc • TU Dresden • Tufts Medical Center • Tufts University • Tulane University • Turnstone LTD • Tuva Health 
• U.S. Department of Veterans Affairs • U.S. Food and Drug Administration • U.S. Navy • UBS Vila Dalva • UBuffalo • Ubuntu Research Inc • UCB • UCLouvain • 
UFRN • Uganda Cancer Institute • Uganda Christian University • Uganda Martyrs University • UH Geneva • UH Rainbow & Children’s • UIB • UIO • UiT - The Arctic 
University • UK Biobank • UK Kidney Association • UK-CRIS • UKER • Ulsan University Hospital • ULSM • Ultragenic Research and Technologies • UMass Chan 
Medical School • UMass Memorial Medical Center • UMC New Orleans • UMC Utrecht • UMessina • Unicamp • Unicesumar • Unidade Local de Saude Amadora 
Sintra • Unidade Local De Saude De Matosinhos Epe • Unified Patient Network • Unimed • United States Air Force • UnitedHealth Group • Universidad Autonoma 
del Caribe • Universidad CES • Universidad de Chile • Universidad de los Andes • UNIVERSIDAD DE SEVILLA • Universidad del Desarrollo • Universidad 
Politecnica De Madrid • Universidad San Sebastian, Santiago Chile • Universidade do Porto • Universidade Federal de Minas Gerais • Universita Politecnica delle 
Marche • Universitas Gadjah Mada • Universitatsmedizin Greifswald • Universite Alioune DIOP • Universite De Bordeaux • Universite de Lome • Universite Laval • 
Universiti Malaysia Perlis • Universiti Putra Malaysia • University at Buffalo • University Blanquerna • University Cancer Center Hamburg • University College Cork • 
University College Dublin • University College London • University College London Hospitals NHS Foundation Trust • University Health • University Health Network 
• University Hospital Basel • University Hospital Carl Gustav Carus Dresden • University Hospital Dusseldorf • University Hospital for Tumors, Sestre milosrdnice 
University Hospital Center • University Hospital of Rennes • University Hospital Southampton • University Hospital Uppsala/ Akademiska Sjukhuset • University 
Hospitals Bristol and Weston NHS Trust • University Hospitals Plymouth NHS Trust • University Lucerne, Switzerland • University Medical Center Groningen • 
University Medical Center Ho Chi Minh City • University of Aberdeen • University of Alabama at Birmingham • University of Alcala • University of Antwerp • 
University of Arizona • University of Arkansas • University of Basel • University of Bergen • University of Bielefeld, Medical School OWL, Department of General 
Practice and Family Medicine • University of Birmingham • University of Bradford • University of Brescia • University of British Columbia • University of Calgary • 
University of California, Berkeley • University of California, Davis • University of California, Irvine • University of California, Los Angeles • University of California, 
San Diego • University of California, San Francisco • University of Cambridge • University of Canterbury • University of Cape Town • University of Catania • 
University of Chicago • University of Chinese Academy of Social Sciences • University of Cincinnati • University of Colorado Anschutz Medical Campus • University 
of Copenhagen • University of Debrecen • University of Deusto • University of Dundee • University of Eastern Finland • University of Edinburgh • University of 
Florida • University of Galway • University of Geneva • University of Georgia • University of Gondar • University of Gothenburg • University of Helsinki • University 
of Hong Kong • University of Houston • University of Ibadan • University of Illinois at Chicago • University of Ilorin • University of Iowa • University of Kansas • 
University of Kent • University of Kentucky • University of Limerick • University of Liverpool • University of Louisiana at Lafayette • University of Louisville • 
University of Lubeck, Germany • University of Luxembourg • University of Macau • University of Maine • University of Manchester • University of Maryland • 
University of Melbourne • University of Miami • University of Michigan • University of Minho • University of Minnesota • University of Mississippi Medical Center • 
University of Missouri • University of Nairobi • University of Nebraska Medical Center • University of Nevada, Reno • University of New England • University of New 
Hampshire • University of New Mexico • University of New South Wales • University of Newcastle Australia • University of North Carolina at Chapel Hill • University 
of North Carolina at Greensboro • University Of North Texas • University of Nottingham • University of Novi Sad • University of Oklahoma • University of Oslo • 
University of Oulu • University of Oxford • University of Padua • University of Pavia • University of Pecs • University of Pennsylvania • University of Pittsburgh • 
University of Port Harcourt • University of Porto • University of Queensland • University of Rhode Island • University of Rochester • University of Rwanda • 
University of San Francisco • University of Sao Paulo Medical School • University of South Australia • University of South Carolina • University of Southampton • 
University of Southern California • University of Southern Denmark • University of Sydney • University of Tartu • University of Technology Sydney • University of 
Tennessee Health Science Center • University of Texas at Austin • University of Texas Medical Branch • University of the Balearic Islands • University of the East 
Ramon Magsaysay Memorial Medical College Inc. • University of the Philippines Manila • University of the West Indies • University of the West of Scotland • 
University of the Witwatersrand • University of Toronto • University of Trieste • University of Tsukuba • University of Twente • University of Utah • University of 
Vermont • University of verona • University of Victoria • University of Virginia • University of Washington • University of Waterloo • University of West Georgia • 
University of Western Australia • University of Wisconsin-Madison • University Teaching Hospital-Lusaka • Unlearn • UPM • UPMC • Uppsala Monitoring Centre • 
US Department of Defense • USAID • USIU-Africa • USN • USTTB • UT Health San Antonio • UT Southwestern Medical Center • Utah Health Workforce Informa-
tion Center • UTHealth Houston • Utrecht University • UWA • UWC • UZ Brussel • UZ Leuven • Vall d’Hebron Hospital Campus • Value Chain Health • Vanderbilt 
University • Vanderbilt University Medical Center • Varutis • VDH • Vector Institute • Ventech Solutions, Inc • Veracyte • Veradigm • Veramed • VeraTech for Health • 
Verily Life Sciences • Vertex Pharmaceuticals • VHBHC Institute • Vianovation, LLC • VieCuri Medical Center • Vietnam National Children’s Hospital • Vinebean • 
Virginia Commonwealth University • Virginia Tech • VIRTUSA • Visionet • Vivante Health Software • Vivent Health • Vrije Universiteit Amsterdam • Walmart 
Healthcare Research Institute • Wanfang Hospital • Washington University in St. Louis • WCG Clinical • Weill Cornell Medicine • Wellbeing Services County of 
Pirkanmaa • Wellbeing Services County of Southwest Finland (Varha) • Wellstack • Wellstar Health System • Wemedoo AG • West African Genetic Medicine 
Centre • Western Michigan University Homer Stryker M.D. School of Medicine • Wigan, Wrightington and Leigh NHS Trust • William Beaumont University Hospitals 
• WillsEye Hospital • Wipro • Wondersgroup • Wonkwang University Hospital • World Health Organization • Wright State University • WVU • X Boson • Xi’an 
Jiaotong University • XuanWu Hospital • Yale University • Yarmouk University • Yenepoya university • Yonsei University • Yori Analytica LtD • Yuimedi • Zadapart-
ners • Zealand University Hospital • Zebra Health Net • ZEG Berlin GmbH • Zhejiang University • Zhejianglab • Ziekenhuis Oost-Limburg • Zipline • ZiteLab ApS • 
ZNA • Zoadigm • ZOL (Belgium) • ZS Associates
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Beyond the robustness of 
its open-source tools and the 
OMOP Common Data Model, 
what truly resonated with me 
was OHDSI’s community- 
driven mission, rooted in open 
science, transparency,  
reproducibility, and global  

collaboration. The OHDSI community’s welcoming 
and mentor-driven culture, bringing together  
clinicians, researchers, data scientists, and  
policymakers, stood out clearly.

Swetha Kiranmayi Jakkuva
Senior Manager, Healthcare Enabling Solutions
Global Value Web

  The biggest opportunities lie at the intersection of data, technology, and global 
health. OHDSI has the potential to become the de facto standard for 
regulatory-grade evidence. By deepening ties with agencies like the FDA and 
EMA, we can push for greater acceptance of evidence generated using OHDSI 
methods and drive broader acceptance of OHDSI-generated insights. There’s 
also huge potential in integrating OHDSI’s data model with AI and machine 
learning to uncover new patterns in complex datasets. Finally, and perhaps 
most importantly, is global expansion. 

Alex Asiimwe
Head of RWE Generation Innovation & 
Partnerships, Gilead Sciences, United Kingdom

What keeps me  
motivated is the shared 
mission of making real- 
world data useful for 
improving health, and the 
fact that OHDSI has  
created a truly global,  
inclusive, and intellectu-
ally vibrant community. 
It’s rare to find a network where clinicians, 
epidemiologists, data scientists, and  
informaticians work so seamlessly toward a 
common goal.

Hua Xu
Professor, Dept of Biomedical Informatics 
and Data Science
Associate Dean for Biomedical Informatics
Yale School of Medicine

OMOP CDM is often what people see first — the beautifully organized  
structure. But the vocabularies are what give that structure meaning, a  
universal language that enables collaborative research across various  
countries. I like to think of it this way: if OMOP is the grammar of a shared 
scientific language, then vocabularies are the words. And just like any living 
language, they must evolve.

Masha Khitrun
Technical Lead, OHDSI Vocabulary team
Odysseus Data Services (an EPAM company)

Testimonials From The OHDSI Community
OHDSI Collaborators

Beyond the technical framework, OHDSI also offers a strong foundation for 
stakeholder alignment. Its global use cases, publications, and collaborative 
model help us engage effectively with public institutions, private  
organizations, policymakers, and researchers, creating a shared language 
across diverse stakeholders in the region.

Julio Oliveira
Founder and CEO,
Precision Data

This is what I appreciate about OHDSI network studies and OHDSI’s LEGEND 
principles. We (1) always define (via a protocol) the analysis we are doing, and 
(2) we do all analysis, and we report all analysis—regardless of whether a com-
parison is significant or not … I think this type of transparency and reproducibility 
is a step in the right direction for building more trustworthy clinical evidence.

Hsin Yi “Cindy” Chen
MD-PhD Student
Columbia University Department of Biomedical Informatics

  Collaboration with the 
global OHDSI  
community provides 
shared methods, tools, 
and a collaborative  
research framework that 
helps us translate these 
local realities into  
internationally comparable research. In 
practice, this means we use common study 
designs, shared vocabularies, and  
OHDSI tools, while we also contribute our 
own experiences back to the community.

Ines Reinecke
Head of Research Area International  
Secondary Data Use 
Medical University of Lausitz – Carl Thiem

It has become increasing 
clear that much of the  
suffering around the world  
is invisible to those who 
make decisions about priori-
ties or how resources should 
be best spent. I hope that 
lessons learned from  
including LMICs more comprehensively with 
OHDSI will lead to better needs assessments, 
more effective treatments and more efficient 
relief of suffering for all people. 

It is this rationale which the Africa working 
group hopes will motivate Ministries of Health in 
LMICs (which struggle to invest in their health 
systems and health information systems) to  
include OHDSI in their national architectures.

Andrew Kanter
Assistant Professor of Clinical Biomedical 
Informatics and Clinical Epidemiology; Director, 
Columbia International eHealth Lab (CIEL)
Columbia University
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Clinical 
Applications

This Titan Award recognizes extraordinary  
contributions by an individual, organization,  
or team in generating clinical evidence that 
improves health by informing better health 
decisions and better care

2025 — DARWIN EU Team, Erasmus MC
2024 – Cindy Cai, Johns Hopkins University;  
Jack Janetzki, University of South Australia;  
Jung Ho Kim, Yonsei University
2023 – Center for Surgical Science (led by  
Ismail Gögenur)
2022 – Xintong Li, University of Oxford 
2021 – Asieh Golozar, Odysseus Data Services
2020 – Jenny Lane, University of Oxford
2019 – Oxford Study-A-Thon (Dani Prieto- 
Alhambra, University of Oxford; Edward Burn,  
University of Oxford; Jamie Weaver, Johnson
& Johnson; Ross Williams, Erasmus MC)
2018 – Seng Chan You, Ajou University

2025 Titan Award honorees

DARWIN EU Team 
2025 honoree

Open-Source
Development

This Titan Award recognizes  
extraordinary contributions by an individ-
ual in design, development, testing, and 
deployment of open-source software to 
enable observational analyses

Aniek Markus
2025 honoree

2025 — Aniek Markus & Maarten van 
Kessel, Erasmus MC / Jared Houghtaling, 
Tufts Medical Center
2024 – Martin Lavallee, Boehringer 
Ingelheim
2023 – Katy Sadowski, Boehringer Ingelheim
2022 – Egill Fridgeirsson, Erasmus MC; 
James Gilbert, Johnson & Johnson
2021 – Adam Black, Odysseus Data  
Services
2020 – Anthony Sena, Janssen Research 
and Development
2019 – Pavel Grafkin, Odysseus Data Services
2018 – Christopher Knoll, Janssen 
Research and Development

Maarten van Kessel
2025 honoree

Jared Houghtaling
2025 honoree

OHDSI Collaborators

The Titan Awards
The Titan Awards, first introduced in 2018, recognize OHDSI collaborators (or  

collaborating institutions) for their contributions towards OHDSI’s mission.
Each year, community members nominate individuals or institutions they feel have 

made significant contributions towards advancing OHDSI’s mission, vision and values. 
Once nominations are submitted, the OHDSI Titan Award Committee selects the  
recipients, and the honorees are announced at the annual Global Symposium.

Data Standards
This Titan Award recognizes extraordinary 
contributions by an individual, organization,  
or team in development or evaluation in  
community data standards, including OMOP 
common data model and standardized  
vocabularies
2025 – Polina Talapova (SciForce)
2024 – Vocabulary team (Alexander Davydov,  
Odysseus Data Services; Vlad Korsik,  
Odysseus Data Services; Anna Ostropolets, 
Janssen Research and Development; Oleg Zhuk, 
Odysseus Data Services)
2023 – Gowtham Rao and Azza Shoaibi, Janssen 
Research and Development
2022 – Melanie Philofsky, Odysseus Data  
Services
2021 – Maxim Moinat, The Hyve/Erasmus  
University Medical Center
2020 – Clair Blacketer, Janssen Research and 
Development
2019 – Oncology Workgroup (Michael Gurley, 
Northwestern University; Rimma Belenkaya,  
Memorial Sloan Kettering Cancer Center; Robert 
Miller, Tufts CTSI)
2018 – Vocabulary team (Christian Reich, IQVIA; 
Anna Ostropolets, Columbia University; Dmitry 
Dymshyts, Odysseus Data Services)

Methods Research
This Titan Award recognizes extraordinary 
contributions by an individual, organization, or 
team in development or evaluation in analytical 
methods for clinical characterization,  
population-level effect estimation, or patient- 
level prediction
2025 – Joel Swerdel (Johnson & Johnson)
2024 — Linying Zhang, Washington University in 
St. Louis
2023 — Jiayi (Jessie) Tong,  
University of Pennsylvania
2022 – Fan Bu, University of California, Los  
Angeles
2021 – Yong Chen, University of Pennsylvania
2020 – Nicolas Thurin,  
Université de Bordeaux
2019 – Jenna Reps, Janssen Research and  
Development
2018 – Martijn Schuemie, Janssen Research  
and Development; Marc Suchard, University of 
California, Los Angeles

Joel Swerdel
2025 honoree

Polina Talapova
2025 honoree
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IV. 
Collaborative

Events &  
Activities

Community 
Support

This Titan Award recognizes an individual, 
team, or organization for their contributions 
to ensuring the sustainability of the OHDSI 
community.
2025 – Agnes Kiragga, African Population and 
Health Research Center
2024 – Natthawut “Max”  
Adulyannukosol, University of 
North Carolina
2023 – Cynthia Sung, Bill &  
Melinda Gates Medical 
Research Institute 
2022 – Ajit Londhe, Boehringer 
Ingelheim 
2021 – Erica Voss, Johnson & Johnson
2020 – Talita Duarte-Salles, IDIAPJGol
2019 – Andrew Williams, Tufts Medical Center
2018 – Kristin Kostka, Deloitte; Mui Van Zandt, IQVIA

OHDSI Collaborators

Community 
Collaboration

This Titan Award recognizes an individual for 
their collaborative spirit in helping their fellow 
community members reach their goals.
2025 – Liesbet Peeters, Ilse Vermeulen, Lotte 
Geys, Hasselt University
2024 – Montse Camprubi, Synapse Research  
Management Partners; Elisse Katzman, Columbia 
University
2023 – Gyeol Song, IQVIA
2022 – Craig Sachson, Columbia University
2021 – Faaizah Arshad, UCLA; Ross Williams, 
Erasmus MC
2020 – COVID-19 Support Team, Erasmus MC
2019 – James  
Wiggins, Amazon 
Web Services
2018 – Lee Evans, 
LTS Computing 
LLC

Community  
Leadership

This Titan Award recognizes an individual 
for their leadership in  
advancing the OHDSI mission.

2025 – Greg Klebanov,  
Odysseus Data Services
2024 – Clair Blacketer, Johnson 
& Johnson
2023 – Nicole Pratt,  
University of South Australia
2022 – Paul Nagy, Johns Hopkins University 
2021 – Mui Van Zandt, IQVIA
2020 – Dani Prieto-Alhambra, University of Oxford
2019 – Peter Rijnbeek, Erasmus University  
Medical Center
2018 – Rae Woong Park, Ajou University

Agnes Kiragga 
2025 honoree

Gregory Klebanov
2025 honoree

Congrats to our 2026 nominees!
ASSURE team, David Bard, Robert Barrett, Clair Blacketer, 
Rich Boyce, Danielle Boyce, Evanette Burrows, Cindy Cai, 
Carrot and Bunny Team, Cindy Chen, Pascal Coorevits, 
Data4Life, Scott Duvall, Noémie Elhadad, Lee Evans, Eye 
Care and Vision Research WG, FastOMOP, Mornin Feng, 
Davera Gabriel, Josh Gagne, Sarah Gasman, Lars  
Halvorsen, Peter Hoffmann, Christian Högberg, Michelle 
Hribar, Jason Hsu, Ben Illigens, Andrew Kanter, Elisse 
Katzman, Masha Khitrun, Mack Kigada, Chungsoo Kim, 
Chris Knoll, Haeun (Hannah) Lee, Gaeun Lee, Renske Los, 
Benjamin Martin, Valentina Martufi, Mind Meets Machine, 
Evan Minty, Karthik Natarajan, Bill O’Brien, Sean O’Reilly, 
OHDSI UK organizers, Julio Oliveria, Anna Ostropolets, 
Woo Yeon (Jen) Park, Rowan Parry, Paul Petraro, Melanie 
Philofsky, Hanieh Razzaghi, Jenna Reps, Harry Reyes 
Nieva, Marti Sabate, Craig Sachson, Alexander Saelmans, 
Martijn Schuemie, Sarah Seager, Anthony Sena, Cynthia 
Sung, Jim Todd, Mui Van Zandt, Annelies Verbiest, Fleur 
Vereijken, Katia Verhamme, Ilse Vermeulen, David Vizcaya, 
Tom White, Qi Yang, Seng Chan You, Bingyu Zhang

Ilse Vermeulen, photo of Lotte Geys, 
Liesbet Peeters • 2025 honorees
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June 27-29, 2019 • Guangzhou, China Sept. 15-17, 2019 • Bethesda, Md.

Dec. 12-14, 2019 • Gwangju, Korea

Oct. 11-13, 2018 • Bethesda, Md. Mar. 29-30, 2019 • Rotterdam, Neth.

Collaborative Events & Activities

June 24-26, 2022 • Rotterdam, Neth.

Collaborative Events & Activities

There is nothing quite like an OHDSI symposium.
From events held in U.S., Canada, Latin America, Europe, Africa, Asia, or Australia, 

our annual symposia are among the most anticipated events of the year. Plenary 
talks, tutorials, workshops and the collaborator showcase create opportunties to 
share research, learn from each other, and collaborate on future opportunities.

These events also allow our global community an opportunity to connect face-
to-face. Whether it is to share scientific breakthroughs, build massive Lego sets or 
dance on stage together, each symposium brings our community together and sets 
new paths for collaboration.

Oct. 20, 2015 • Washington, D.C. Sept. 23-24, 2016 • Washington, D.C.

Oct. 18-20, 2017 • Bethesda, Md. Mar. 23-24, 2018 • Rotterdam, Neth.

The OHDSI Symposium
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July 5-7, 2025 • Hasselt, Belgium Sept. 27, 2025 • London, England

Oct. 7-9, 2025 • New Brunswick, N.J.

Oct. 22-24, 2024 • New Brunswick, N.J. Dec. 4-8, 2024 • Singapore 

Nov. 10-12, 2025 • Kampali, Uganda

July 13-14, 2023 • Sydney, Australia

July 1-3, 2023 • Rotterdam, Neth.

Nov. 12-13, 2023 • Taipei, Taiwan

Oct. 14-16, 2022 • Bethesda, Md.

Oct. 20-22, 2023 • East Brunswick, N.J.

June 1-3, 2024 • Rotterdam, Neth.

Collaborative Events & Activities



38 39#JoinTheJourney #JoinTheJourneyOHDSI.org OHDSI.org

Our Journey 2026 Our Journey 2026
 

The 12th annual Global Symposium, held Oct. 20-22 in New Brunswick, 
N.J., welcomed collaborators around the world for our most community- 
driven symposium ever. Eleven tutorials and three plenary sessions each 
came from community suggestions, and our collaborator showcase featured 
a record number of posters and demos. When available, all materials will be 
posted on OHDSI.org/ohdsi2026.

2026 Global Symposium
Collaborative Events & ActivitiesCollaborative Events & Activities

July 30-31, 2026 • Salvador, Brazil

Apr. 20-22, 2026 • Rotterdam, Neth.Dec. 8-9 • Shanghai, China

Sept. 17-18, 2026 • Nottingham, Eng.

On The Schedule: 
Be on the Lookout for the Following Events!

APAC 2026

Nov. 13-15
Yonsei University

Seoul, Korea

Europe 2027

April 26
Finlandia Hall

Helsinki, Finland

India 2026

Dec. 11
Pullman Hotel
Chennai, India

Canada 2026

Nov. 17-18
Univ. of Toronto
Toronto, Ontario

check out OHDSI.org/events for more details 

Tutorials
 

Conference Talks
• An Introduction to the Journey from Data to 
	 Evidence Using OHDSI
• An Introduction to ATLAS
• Bringing FAIR to Imaging Research with the
	 Medical Imaging OMOP Extension
• Complex Phenotyping at Scale with and without 
	 LLMs Using PhenotypeR
• OHDSI Leadership Storytelling Workshop
• Mastering OMOP: Transforming EHR Data with 
	 Practical Strategies, Best Practices, and 
	 OHDSI Integration
• Building and Using the OHDSI Evidence 
	 Network: From Data Partner to Federated 
	 Study Execution
• From Multi-Modal Data to Real-World Evidence: 
	 Hands-on with the Data2Evidence Platform for 
	 OMOP Data Curation and Analytics
• Integrating Geospatial Data Into OMOP CDM
• Introduction to OHDSI Phenotype Development 
	 & Evaluation
• Using OMOP Model in Registry Context &  
	 Clinical Trials Standardization Context: 
	 Conventions, Past Use Cases, SDTM & 
	 Regulatory Consideration, Challenges

• State of the Community 

• OHDSI Year In Review

• Plenary 1: Federated Learning Meets 

Negative Control Calibration: Toward Reliable 

Multi-Site Evidence Generation

• Plenary 2: Beyond the Defaults: How the 

OHDSI Community is Adapting, Extending, 

and Reimagining Its Tools

• Plenary 3: The role of national initiatives in 

supporting sustainability, collaboration, and 

growth of OHDSI

• Closing

The main conference will also feature:

• three sessions of posters and software demo

	 presentations

• two sessions of lightning talks

• the closing talk and announcement of Titan

	 Award winners

• a Jam Session to end the evening!

http://OHDSI.org/events


40 41#JoinTheJourney #JoinTheJourneyOHDSI.org OHDSI.org

Our Journey 2026 Our Journey 2026

How Can You Join Our Calls?
If you are a part of the OHDSI Teams environment, you will receive a weekly calendar invite that 
includes the upcoming agenda. If you don’t have access, the link is on our Community Calls page, 
which features all recordings and updates from past calls. Weekly calls are currently held on  
Tuesdays at 11 am ET. Learn more at our website: www.ohdsi.org/community-calls

Collaborative Events & Activities

OHDSI Community Calls
The weekly OHDSI Community Call is where our global network comes together to 

learn, collaborate, and connect. The calls, held each Tuesday at 11am ET, feature  
community updates, discussions on key issues in observational health, presentations of 
new research and open-source tools, and sharing of best practices across our network. 
These interactive gatherings also provide a space to meet potential collaborators and 
strengthen our collective mission of generating reliable evidence.

All calls are recorded and made available on both OHDSI.org and our YouTube  
channel, ensuring the discussions remain accessible to our worldwide community.

This section highlights many of the topics covered over the past year, and we encourage 
you to explore more about these dynamic conversations at ohdsi.org/community-calls.

Collaborative Events & Activities
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OHDSI Studyathons & Other EventsOHDSI Studyathons & Other Events
OHDSI continues to redefine what is possible in collaborative healthcare research.
Across the globe, OHDSI studyathons unite diverse, passionate teams around 

urgent clinical questions. Over an intense, fun-filled few days, collaborators design 
protocols, execute network analyses across disparate data sources, and synthesize 
meaningful findings in real time.

Globally, our community has tackled 
critical challenges across a wide spec-
trum of health topics—including or-
thopedic surgery, rheumatoid arthritis, 
colorectal cancer, cardiovascular pre-
diction, prostate cancer, and COVID-19. 
Each event is a vivid reminder that what 
feels unimaginable in isolation becomes 
achievable together, proving time and 
again the transformative power of a multi-
disciplinary, global community.

2026 FALCON studyathon in Antwerp, Belgium, which focused on bladder cancer

2025 Finland Studyathon: Exploring the Real-World Treatment Landscape of mNSCLC

Outline flow of a study-a-thon. Graphic was shared in “Evaluating 
a novel approach to stimulate open science collaborations: a case 
series of “study-a-thon” events within the OHDSI and European IMI 
communities” • Jamia Open, Volume 5, Issue 4, December 2022, 
ooac100, https://doi.org/10.1093/jamiaopen/ooac100.

Collaborative Events & Activities

V. 
Educational 
Resources
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EHDEN Academy
The EHDEN Academy is a free, online educational resource for professionals in 

the domains of real-world data and real-world evidence. The Academy operates on 
a global scale and has engaged more than 7,300 active learners from more than 102 
countries. 

Its primary mission is to enhance the application and understanding of tools and 
methods that improve patient care globally through open science educational  
resources. Consequently, the Academy serves as a crucial training node for the wider 
OHDSI community, aligning with and directly contributing to its educational strategy.

EHDEN Academy
Student Map

Current EHDEN 
Academy Courses
• Getting Started
• EHDEN Foundation
• Patient Organisations: Introduction to Real
	 World Data & Real World Research
• OMOP CDM and Standardised Vocabularies
• ATLAS 
• Infrastructure
• Extract, Tranform, Load
• 10-Minute Tutorial: PheValuator
• 10-Minute Tutorial: ATHENA
• Introduction to Usagi & Code Mappings for
	 an ETL 
• OHDSI-in-a-Box
• ETL Learning Pathway: Data Partner & SME
	 Real World Use Cases
• Open Science & FAIR Principles
• Introduction to Data Quality
• Phenotype Definition, Characterisation and
	 Evaluation
• Population-level Effect Estimation
• Patient-level Prediction 
• R for Patient-level Prediction
• Applied Cost-Effectiveness Modeling with R 
• Assessing healthcare using outcomes that
	 matter to patients
• Creating Cohort Definition 
	 (OHDSI 2022 Tutorial)
• OMOP Common Data Model/Vocabulary
	 (OHDSI 2022 Tutorial)
• The Phenotyping Problem (1-hour session)
• Health Technology Assessment

visit the EHDEN Academy:    academy.ehden.eu

Educational Resources

Educational Resources
How do I learn more about OMOP, OHDSI tools, methods or best practices?
That is a very common question for those both starting their journey and those 

who have been traveling with OHDSI for years. There is always something new to 
learn, and there are always plenty who are willing to teach. OHDSI has a plethora 
of community-developed learning resources that we will share in this section.

On these pages, we will highlight the many tutorial options that have taken 
place around the world, including OHDSI tutorials, the EHDEN Academy, the Book 
of OHDSI, and the OHDSI Summer School held at Columbia University.

Tutorials
Education is at the heart of OHDSI’s mission, and tutorials  

showcase the community’s commitment to sharing knowledge. 
Developed and taught by OHDSI faculty, they highlight tools,  
standards, and best practices that empower collaborators at every 
level to engage in open science and generate reliable evidence.

The OHDSI community has hosted numerous tutorials at our 
annual symposia, as well as online during community calls and 
other sessions. These tutorials remain available on our YouTube 
page (youtube.com/c/OHDSI), they can also be found on our 
OHDSI Tutorials homepage (www.ohdsi.org/tutorials). 

This page includes all tutorials from the Global/USA symposia 
dating back to 2016, as well as the 2023 SOS Challenge tutorials, 
which focused on the full process of leading a network study.

2026 Global 
Symposium Tutorials
• An Introduction to the Journey from 
Data to Evidence Using OHDSI

• An Introduction to ATLAS

• Bringing FAIR to Imaging Research 
with the Medical Imaging OMOP 
Extension

• Complex Phenotyping at Scale with 
and without LLMs Using PhenotypeR

• OHDSI Change Leaders &  

Leadership: Helping Community 
Members Grow Adoption,  
Engagement and Impact

• Mastering OMOP: Transforming 
EHR Data with Practical Strategies, 
Best Practices, and OHDSI  
Integration

• Building and Using the OHDSI  
Evidence Network: From Data  
Partner to Federated Study Execution

• From Multi-Modal Data to Real- 
World Evidence: Hands-on with  
the Data2Evidence Platform for 

OMOP Data Curation and Analytics

• Integrating Geospatial Data Into 
OMOP CDM

• Introduction to OHDSI Phenotype 
Development & Evaluation

• Using OMOP Model in Registry 
Context & Clinical Trials Standardiza-
tion Context: Conventions, Past Use 
Cases, SDTM & Regulatory  
Consideration, Challenges

ohdsi.org/tutorials

http://academy.ehden.eu
http://youtube.com/c/OHDSI
http://www.ohdsi.org/tutorials
http://www.ohdsi.org/tutorials


46 47#JoinTheJourney #JoinTheJourneyOHDSI.org OHDSI.org

Our Journey 2026 Our Journey 2026

What Will You Find in The Book of OHDSI? 
Preface

Goals of the Book...................................................... ix
Structure of the Book................................................. ix
Contributors................................................................x
Software Versions......................................................x
License......................................................................xi
How the Book is Developed......................................xi
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Educational Resources

Published in 2019, the Book of OHDSI (book.ohdsi.org) 
aims to be a central knowledge repository for OHDSI, and 
it focuses on describing the OHDSI community, OHDSI data 
standards, and OHDSI tools.

It is intended for both OHDSI newcomers and veterans 
alike, and aims to be practical, providing the necessary theory 
and subsequent instructions on how to design and implement 
research yourself.

You will learn about the OMOP common data model 
and standard vocabularies, and how they can be used to  
standardize an observational healthcare database. You 
will learn about three analytic use cases for these data:  
characterization, population-level estimation, and patient- 
level prediction. You will read about OHDSI’s open-source 
tools and how they can be applied to your data and how 
you can design and implement your own analyses following  

OHDSI’s best 
practices.

Chapters on data quality, clinical validity, software  
validity, and method validity will explain how to  
establish the quality of the generated evidence. Lastly, 
you will learn how to use the OHDSI tools to execute 
these studies in a distributed research network.

 
The Book of OHDSI is available for free online in  

English, Korean and Chinese, and can also be  
purchased through Amazon (all links on OHDSI.org).

Thank You To Our Book of OHDSI Contributors

Martijn Schuemie, who co-led the Book 
of OHDSI development with David 
Madigan, introduced the book at the 
2019 U.S. Symposium.

Members of the OHDSI community collaborated 
on documentation efforts for the Book of OHDSI 
at Case Western Reserve Univ. in Cleveland.

The Book of OHDSIThe Book of OHDSI

Hamed Abedtash	 Mustafa Ascha	 Mark Beno	 Clair Blacketer	 David Blatt
Brian Christian	 Gino Cloft	 Frank DeFalco	 Sara Dempster	 Jon Duke
Sergio Eslava	 Clark Evans	 Thomas Falconer	 George Hripscak	 Vojtech Huser
Mark Khayter	 Greg Klebanov	 Kristin Kostka	 Bob Lanese	 Wanda Lattimore	
Chun Li	 David Madigan	 Sindhoosha Malay	 Harry Menegay	 Akihiko Nishimura	
Ellen Palmer	 Nirav Patil	 Jose Posada	 Nicole Pratt	 Dani Prieto-Alhambra
Christian Reich	 Jenna Reps	 Peter Rijnbeek	 Patrick Ryan	 Craig Sachson
Izzy Saridakis	 Paola Saroufim	 Martijn Schuemie	 Sarah Seager	 Anthony Sena
Sunah Song	 Matthew Spotnitz	 Marc Suchard	 Joel Swerdel	 Devin Tian
Don Torok	 Kees van Bochove	 Mui Van Zandt	 Erica Voss	 Kristin Waite
Mike Warfe	 Jamie Weaver	 James Wiggins	 Andrew Williams	 Seng Chan You

Educational Resources
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VI. 
Data

Standards
Program Highlights
• Explore three analytic use cases:
   - Clinical characterization – describing disease natural history and treatment patterns
   - Population-level estimation – assessing drug safety and comparative effectiveness
   - Patient-level prediction – applying machine learning for early detection and precision
      medicine
• Work through the full RWE study lifecycle: study design, use of OHDSI open-source tools
(ATLAS, HADES), and execution across real-world datasets
• Blend of foundational lectures, interactive exercises, and faculty-led group work
• Dedicated time to develop your own study ideas with mentoring and feedback

Audience
Ideal for clinicians, data scientists, statisticians, epidemiologists, informaticians, health policy 

researchers, and professionals from academia, healthcare, industry, and government. No  
programming experience required.

Testimonials
“This was a great hands-on experience with a very specific and useful set of tools. It took what 

initially felt like a daunting process of self-discovery and turned it into something I now feel confident 
I can work through. Even if I cannot complete every step immediately on my own, I now have a 
clear understanding of what is required to get a project like this done on the OHDSI network.” 

- Aziz Alkattan, Assistant Professor of Biomedical Informatics, Columbia University 

“This week was an excellent learning experience. I gained hands-on experience with the 
OHDSI ecosystem, particularly the OMOP Common Data Model and ATLAS, and learned how 
these tools support standardized observational research and reproducible analytics. The  
training has broadened my perspective on using real-world data for epidemiologic studies and 
will directly enhance my research on cardiovascular disease, genomics, and precision medicine. 
I also greatly valued the opportunity to connect with researchers from diverse backgrounds and 
become part of the collaborative OHDSI community.” 
- Mohammad Shahriar, Senior Research Analyst, The University of Chicago

Educational Resources

Join Us at the 2027 OHDSI Summer 
School at Columbia University

The third annual Columbia OHDSI Summer School (July 12-16, 2027) will offer health 
professionals, researchers, and industry practitioners an immersive, hands-on  
introduction to working with real-world health data and generating real-world evidence 
(RWE). Participants will learn how to transform electronic health records and claims 
data into the OMOP Common Data Model to support collaborative, distributed research.

Our Faculty

George Hripcsak

Patrick Ryan

Anna Ostropolets

Karthik Natarajan

Register/Learn More: OHDSI Summer School at Columbia University

Tara Anand

https://columbiauniversity1.regfox.com/columbia-ohdsi-summer-school-2026


50 51#JoinTheJourney #JoinTheJourneyOHDSI.org OHDSI.org

Our Journey 2026 Our Journey 2026 Data Standards

OMOP CDM By The Numbers
42 tables
• 19 to standardize clinical data
• 13 to standardize vocabularies

445 fields
• 221 _id fields
• 116 _concept_id fields
• 47 _source_value fields

1 Open Community Data Standard

Data Standards

OMOP Common Data ModelOMOP Common Data Model
The Observational Medical Outcomes Partnership (OMOP) Common Data 

Model (CDM) is an open community data standard, designed to standardize 
the structure and content of observational data and to enable efficient  
analyses that can produce reliable evidence.

“The OMOP Common 
Data Model serves as 
the foundation of all 
our work in the OHDSI  
community, and I’m 
proud that our open 
community data  
standard has been so 
widely adopted and so 
extensively used to  
generate reliable 
evidence.”   

- Clair Blacketer
2020 Titan Award 
for Data Standards 
recipient

OMOP Common Data Model v5.5
   figure courtesy of Renske Los and Martijn Schuemie 
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The foundation of OHDSI’s mission is the OMOP Common Data Model, which harmonizes disparate observational health data to enable reproducible, reliable evidence generation 
worldwide. What began as a collaborative effort across a handful of institutions has expanded into a truly international standard, with 1.01 billion person records from more than 650 
databases mapped across nearly 130 countries. This global footprint reflects not only the widespread adoption of the OMOP CDM, but also the dedication of a worldwide community 
working to break down data silos and improve patient care across every corner of the globe.

True generalizability in health research demands diverse global perspectives; capturing heterogeneous patient populations, practice variations, and health systems across  
continents is essential to generating evidence that can be trusted everywhere. As our international network continues to expand, each new database integrated into the OMOP eco-
system strengthens our collective ability to answer pressing clinical questions with unprecedented depth and confidence.

Data Standards

OMOP Data Sources Around The World
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   OHDSI Evidence NetworkOHDSI Evidence Network
The OMOP Common Data Model enables observational health databases around 

the world to use a common structure and vocabulary. The OHDSI Evidence Network 
builds on this foundation by connecting researchers with participating data partners 
to collaboratively generate reliable real-world evidence.

The Evidence Network is an open, federated network: patient-level data remain with 
each data partner, and organizations maintain local governance and choose which 
studies to participate in. Researchers can work across multiple data sources using 
shared study packages, standardized diagnostics, and common approaches to exe-
cution and results review.

We are proud of the data partners who have joined the Evidence Network, but we 
are excited to grow. If you want to join this group dedicated the improving healthcare 
globally, please reach out to evidencenetwork@ohdsi.org.

A Growing Global Network
The Evidence Network includes a diverse set of 

participating organizations across academic medical 
centers, national health systems, claims databases, 
electronic health records networks, registries, and 
other observational data sources.
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OHDSI Vocabularies By The NumbersOHDSI Vocabularies By The Numbers
• 12,070,327 concepts
     • 3,750,113 standard concepts
     • 1,044,978 classification concepts

• 148 vocabularies
• 43 domains

• 89,619,972 concept relationships
• 102,759,647 ancestral relationships
• 6,355,059 concept synonyms

“OHDSI Vocabularies are built by the community, for the community. What began as a simple set of 
terminologies is now a network of vocabularies, crosswalks, and hierarchies that makes research 
across institutions and countries possible. This ecosystem is a community effort, 
and it only moves forward with community input. New use cases driving methods 
research, new vocabularies and mappings contributed by members, and 
collective review of existing mappings are what keep it accurate and relevant.
Bring your vocabularies and your concepts.We’ll support you with LLM-assisted 
and knowledge engineering tools to make contributing easier.”   

- Anna Ostropolets
Vocabulary WG Lead, 2018 Titan Award recipient for Data Standards

as of August 2026 release

1 Shared Resource to Enable Data Standards

This network diagram shows the relationships 
between vocabularies. Nodes are vocabularies, 
sized by the number of concepts. Edges show 
connections between concepts within vocabularies.  
Thank you to Andy South for this graphic.

Want to learn more about the
OHDSI vocabularies?
Read: book.ohdsi.org
Download: athena.ohdsi.org
Learn: academy.ehden.edu

Data Standards

OHDSI Standardized Vocabularies
The OHDSI vocabularies allow organization and standardization of medical terms to be 

used across the various clinical domains of the OMOP common data model, and enables 
standardized analytics that leverage the knowledge base when constructing exposure and 
outcome phenotypes and other features within characterization, population-level effect  
estimation, and patient-level prediction studies.

You can download the OHDSI Standardized Vocabularies at athena.ohdsi.org.

This treemap shows all concepts in the OHDSI vocabularies, organized by domain 
(color) and vocabularies (boxes sized by the number of concepts).
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Learn how you can 
contribute to the  

OHDSI standardized
vocabularies!

Community Contributions

Data Standards

Vocabularies Improvement InitiativeVocabularies Improvement Initiative
Continuous improvement of our standardized vocabularies has been a community 

effort over the last year. Recent focuses have included contributions, versioning, 
and building a roadmap with emphasis on vocabularies most commonly used. 

We thank our Vocabulary Team for its leadership in this journey. Learn more about 
recent developments on these pages.

Procedural Improvements

Thank You, Vocabulary Team!

A lot of vocabulary enhancement was initiated by the community through  
complex community contributions:

• Harmonization of oncology-related content (refresh of Cancer Modifier, OMOP Genomic,
   NAACCR; semantic deduplication)
• Expansion for disease areas (veterinary science, ophthalmology, wearable devices)
• Expansion for APAC and LMIC (EDI and CIEL refresh)
• Support for rare diseases (addition of Mondo, Orphanet and HPO) 

Key enablers included:
• Shared development environment available to contributors (vocabulary server)
• Work with SNOMED and LOINC to add new concepts to their content 
• Work on conventions for poorly harmonized spaces
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		  OMOP and FHIR
OMOP organizes patient data from many sources for research. FHIR standardizes how that data 

moves between systems. The FHIR to OMOP Implementation Guide (IG), developed by the OHDSI 
and HL7 communities and sponsored by the Vulcan FHIR Accelerator, specifies how to transform 
core EHR data from FHIR into the OMOP Common Data Model, so that each site does not have to 
design its own transformation from scratch.

2026 Update
The Vulcan FHIR to OMOP project was proposed in September 2022 to produce a focused, balloted Implementation Guide. More 

than 100 people from over 80 organizations took part in the working group that built it. The IG was published as an Informative guide in 
April 2026. In July, participants from 17 organizations tested it at the Vulcan Virtual Connectathon. In September it passed HL7 ballot  
for Standard for Trial Use (STU) publication, with no negative votes. IG publication is planned by the end of 2026.

What a Standard for Trial Use IG means
HL7 publishes specifications at different levels. An Informative guide offers advice. A Standard for Trial Use sets requirements: it 

states what a conformant implementation must do, and HL7 members have reviewed and voted on those requirements through the 
consensus ballot process. HL7 uses the trial-use period to collect implementation experience before a specification can advance to 
Normative status. STU content also remains stable for at least 2 years, a feature of the balloting process that gives implementers a 
fixed target and supports wider adoption. For OHDSI sites, the practical change is that a FHIR-to-OMOP pipeline can be tested against 
a balloted standard and found conformant or not. The STU version of the IG, with its full change log, is at https://build.fhir.org/ig/HL7/
fhir-omop-ig/en/.

What changed from the Informative version: a conformance framework
  • Conformance: numbered, testable statements in 12 categories replace the informal “should” and “may” prose of the Informative 

text. Five actors are defined, each with its own obligations.
  • Source data: the IG now covers single resources, Bundles and Bulk Data exports. Implementers declare which FHIR profiles a  

transformation accepts, and invalid input is rejected or quarantined under a documented rule.
  • Status and intent: resource-specific tables state which values count as realized events, and each run reports what it excluded and why.
  • Privacy: a target OMOP instance must hold no patient identifiers, and identifier-linkage tables need  

separate access controls.
  • Modifier extensions: the FHIR modifier extensions section adds a decision-tree diagram of its six-step evaluation process, and the 

IG states that modifier screening and status filtering are separate requirements.

What the Connectathon tested 
The FHIR-to-OMOP track ran on July 7 and 8, with 24 named participants from 17 organizations. They came from the Austrian 

Institute of Technology, Health Samurai, HL7, Humine, IFA, InterSystems, IQVIA, MD Anderson, the Medical College of Wisconsin, 
openEHR and Rutgers University, along with independent researchers and the project team’s own organizations. Participants  
transformed curated FHIR R4 data into OMOP CDM v5.4 through one of three workflows: the working group’s reference tooling, their 
own tooling with an external terminology server, or their own tooling with embedded terminology. Outputs were compared against a 23-
test gold standard and across workflows. One participant ran the reference workflow end to end and passed about 99% of the tests.

“More than 100 people from over 80  
organizations built this guide, and the STU  
ballot is their result. The IG belongs to the  
community that built it.”

- Davera Gabriel 
(FHIR to OMOP IG Co-Author)

“The track was active and collaborative from start 
to finish, with the project team present throughout. 
One participant called it ‘the best Connectathon I 
have attended at HL7.”

- Filippo Napoli
Vulcan PMO Lead 

		

Data Standards
 

   Themis ConventionsThemis Conventions
The goal of the Themis workgroup is to guide the OHDSI community on  

how to accurately insert data into the OMOP CDM in cases of ambiguity.  
After important breakthroughous over the last few years, our work continues.

The Themis workgroup remains actively engaged in reviewing issues, discussing 
proposals, and adjudicating conventions. This ongoing effort supports the creation 
of a structurally standardized and semantically harmonized data model, ultimately 
contributing to the production of reliable real-world evidence to inform patient care. 

All are welcome to join Themis!

“Themis makes decisions for the good of the whole 
community. We must compromise. Don’t let perfect 

be the enemy of great. And  
interoperability between different 
OMOP CDMs is great!”   

- Melanie Philofsky
2022 Titan Award recipient for Data Standards
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General Conventions: Person Exclusion, Gender  
Identity, Providers with Multiple Addresses, Records with 
Values, Patient Reported Data, Events Outside of the  
Observation Period, Observation Periods for EHR data

CDM Tables: Care Site, Condition Occurrence, Death, 
Drug Exposure, Location, Measurement, Observation  
Period, Person, Provider, Visit Occurrence

Tag Browser: Address, Birthdate, Dates, Gender,  
Gender Identity, Labs, Lab Values, Location, Measurement, 
Negative, Observation Period, Patient Reported, Person, 
Place of Service, Provider Quantity, Sex, Themis, Value as 
Number, Year of Birth

		  2026 Updates
The Themis WG continues to meet to 

discuss use cases and conventions need-
ed to enable reproducible and reliable 
real-world evidence. The meetings are 
held once a month on MS Teams and all 
are welcome.

In 2026 we have been working with the 
Survey Workgroup, the Eye Care and Vi-
sion Workgroup, and the Medical Imaging 
Workgroup to give guidance on creating 
conventions for these unique data sourc-
es. While still in the design phase, once 
finished the conventions along with de-
tailed examples will be available to guide 
others on the process of converting these 
data into the OMOP CDM format.

Health Systems Website

Health Systems
Website

The recently updated site houses 
information and resources for all OHDSI 
collaborators on their journey to real- 
world data standardization. There you 
will find information for getting started 
with OHDSI and the OMOP CDM  
including ETL and mapping guidance, 
along with links to pre-
sentations, resources and 
references.

  • InterSystems loaded data through Bulk FHIR and produced 
OMOP tables with its own system. The Austrian Institute of Technology 
mapped seven OMOP tables from the sample set.
  • Independent tools agreed. An OMOPHub pre-flight check run by 

InterSystems identified the same 13 unmapped codings that the  
transform reported after ingestion, and Data Quality Dashboard  
population counts matched
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https://build.fhir.org/ig/HL7/fhir-omop-ig/en/
https://build.fhir.org/ig/HL7/fhir-omop-ig/en/
https://ohdsi.github.io/HealthSystems/
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HADESHADES
HADES is a set of open source R packages for large scale analytics, including  

population characterization, population-level causal effect estimation, and patient- level 
prediction.

The packages offer R functions that together can be used to perform an observational 
study through the full journey from data to evidence, including data manipulation,  
statistical modeling, and results generation with supporting statistics, tables and figures. 

Each package includes functions for specifying and subsequently executing multiple 
analyses efficiently. HADES supports best practices for use of observational data as 
learned from previous and ongoing research, such as transparency and reproducibility, 
as well as measuring of the operating characteristics of methods in a particular context 
and subsequent empirical calibration of estimates produced by the methods.

Population-Level Estimation
CohortMethod
CohortMethod is an R package for performing new-user 
cohort studies in an observational database in the OMOP 
Common Data Model.

EvidenceSynthesis
This R package contains routines for combining causal 
effect estimates and study diagnostics across multiple data 
sites in a distributed study. This includes functions for  
performing meta-analysis and forest plots.

SelfControlledCaseSeries
SelfControlledCaseSeries is an R package for performing 
Self-Controlled Case Series (SCCS) analyses in an  
observational database in the OMOP Common Data Model.

SelfControlledCohort
This package provides a method to estimate risk by  
comparing time exposed with time unexposed among the 
exposed cohort.

  Characterization        Patient-Level Prediction
Characterization
Characterization is an R package for performing  
characterization of a target and a comparator cohort.

CohortIncidence
CohortIncidence is an R package and Java library for cal-
culating incidence rates on the OMOP CDM.

TreatmentPatterns
This R package contains the resources for performing a 
treatment pathway analysis of a study population of interest 
in observational databases. The package partially relies on 
the Observational Medical Outcomes Partnership Common 
Data Model (OMOP CDM), but the main parts of the  
package are also usable with different data formats.

PatientLevelPrediction
PatientLevelPrediction is an R package for building and 
validating patient-level predictive models using data in the 
OMOP Common Data Model format.

DeepPatientLevelPrediction
DeepPatientLevelPrediction is an R package for building 
and validating deep learning patient-level predictive models 
using data in the OMOP Common Data Model format and 
OHDSI PatientLevelPrediction framework.

EnsemblePatientLevelPrediction
EnsemblePatientLevelPrediction is an R package for building 
and validating ensemble patient-level predictive models 
using data in the OMOP Common Data Model format. The 
package expands the OHDSI R PatientLevelPrediction 
package to enable ensemble learning.

VII. 
Open-Source

Software
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EmpiricalCalibration
This R package contains routines for performing empirical 
calibration of observational study estimates. By using a 
set of negative control hypotheses we can estimate the 
empirical null distribution of a particular observational 
study setup. This empirical null distribution can be used to 

Evidence Quality

Method Evaluation
This R package contains resources for the evaluation of the 
performance of methods that aim to estimate the magni-
tude (relative risk) of the effect of a drug on an outcome. 
These resources include reference sets for evaluating 
methods on real data, as well as functions for inserting 
simulated effects in real data based on negative control 
drug-outcome pairs. Further included are functions for the 
computation of the minimum detectable relative risks and 
functions for computing performance statistics such as 
predictive accuracy, error and bias.

Andromeda
AsynchroNous Disk-based Representation of MassivE 
DAta (ANDROMEDA): An R package for storing large data 
objects. Andromeda allow storing data objects on a local 
drive, while still making it possible to manipulate the data in 
an efficient manner.

Cyclops
Cyclops (Cyclic coordinate descent for logistic, Poisson 
and survival analysis) is an R package for performing large 
scale regularized regressions.

DatabaseConnector
This R package provides function for connecting to various 
DBMSs. Together with the SqlRender package, the main 
goal of DatabaseConnector is to provide a uniform inter-
face across database platforms: the same code should run 
and produce equivalent results, regardless of the database 
back end.

Eunomia
Eunomia is a standard dataset manager for sample OMOP 
(Observational Medical Outcomes Partnership) Common 
Data Model (CDM) datasets. Eunomia facilitates access 
to sample datasets from the EunomiaDatasets repository. 
Eunomia is used for testing and demonstration purposes, 
including many of the exercises in the Book of OHDSI. For 
functions that require schema name, use ‘main’.

FeatureExtraction
An R package for generating features (covariates) for a 
cohort using data in the Common Data Model.

Supporting Packages

BrokenAdaptiveRidge
BrokenAdaptiveRidge is an R package for performing  
L_0-based regressions using Cyclops.

Open-Source Software

Achilles
Automated Characterization of Health Information at Large-
Scale Longitudinal Evidence Systems (ACHILLES) Achilles 
provides descriptive statistics on an OMOP CDM database. 
ACHILLES currently supports CDM version 5.3 and 5.4.

Data Quality Dashboard
The goal of the Data Quality Dashboard (DQD) project is 
to design and develop an open-source tool to expose and 
evaluate observational data quality. This package will run a 
series of data quality checks against an OMOP CDM  
instance (currently supports v5.5, v5.4, v5.3 and v5.2). 
It systematically runs the checks, evaluates the checks 
against some pre-specified threshold, and then  
communicates what was done in a transparent and easily 
understandable way.

compute a calibrated p-value, which reflects the probability 
of observing an estimated effect size when the null  
hypothesis is true taking both random and systematic error 
into account, as described in the paper Interpreting  
observational studies: why empirical calibration is needed 
to correct p-values.

Also supported is empirical calibration of confidence  
intervals, based on the results for a set of negative and 
positive controls, as described in the paper Empirical  
confidence interval calibration for population-level effect 
estimation studies in observational healthcare data.

Cohort Construction
Capr
The goal of Capr, pronounced ‘kay-pr’ like the edible flower, 
is to provide a language for expressing OHDSI cohort 
definitions in R code. OHDSI defines a cohort as “a set 
of persons who satisfy one or more inclusion criteria for a 
duration of time” and provides a standardized approach 
for defining them (Circe). Capr exposes that standardized 
approach through a programmatic interface in R, making 
it easier to build, version, and reuse cohort definitions — 
particularly when creating a large number of similar  
cohorts. Capr code is designed to be human-readable  
while remaining directly executable against an OMOP 
Common Data Model.

CirceR
A R-wrapper for Circe, a library for creating queries for the 
OMOP Common Data Model. These queries are used in 
cohort definitions (CohortExpression) as well as custom 
features (CriteriaFeature). This package provides  
convenient wrappers for Circe functions, and includes the 
necessary Java dependencies.

CohortExplorer
This software tool is designed to extract data from a 
randomized subset of individuals within a cohort and 
make it available for exploration in a ‘Shiny’ application 
environment. It retrieves date-stamped, event-level 
records from one or more data sources that represent 
patient data in the Observational Medical Outcomes 
Partnership (OMOP) data model format. This tool fea-
tures a user-friendly interface that enables users to effi-
ciently explore the extracted profiles, thereby facilitating 
applications, such as reviewing structured profiles. The 
output of this R-package is a self-contained R shiny 
that contains person-level data for review.

PhenotypeLibrary
The OHDSI community has developed a publicly  
accessible, version-controlled Phenotype Library to guide 
real-world evidence towards the FAIR principles:  
Findability, Accessibility, Reproducibility, and Interoperability. 
This library aims to foster the submission and retrieval of 
high-quality cohort definitions, cataloging of metadata,  
attribution and promotion of discovery and reuse in scientific 
research. Within the OHDSI Phenotype Library (OHDSI 
PL), each entry represents a unique cohort definition  
identifiable by a stable, externally referenceable ID. 
Comprehensive metadata about each cohort definition is 
cataloged and made searchable for researchers. Content in 
the library is subject to version control, with each version is 
assigned a specific DOI.

PheValuator
The goal of PheValuator is to produce a large cohort of 
subjects each with a predicted probability for a specified 
health outcome of interest (HOI). This is achieved by 
developing a diagnostic predictive model for the HOI using 
the PatientLevelPrediction (PLP) R package and applying 
the model to a large, randomly selected population. These 
subjects can be used to test one or more phenotype  
algorithms.

CohortDiagnostics
CohortDiagnostics is an R utility package for the develop-
ment and evaluation of phenotype algorithms for OMOP 
CDM compliant data sets. This package provides a stan-
dard, end to end, set of analytics for understanding patient 
capture including data generation and result exploration 
through an R Shiny interface. Analytics computed include 
cohort characteristics, record counts, index event misclassi-
fication, captured observation windows and basic incidence 
rates and proportions for age, gender and calendar year 
(based crude data set wide metrics). Through the identifi-
cation of errors, CohortDiagnostics enables the comparison 
of multiple candidate cohort definitions across one or more 
data sources, facilitating reproducible research.

CohortGenerator
This R package contains functions for generating cohorts 
and cohort subsets using data in the CDM.

Open-Source Software

Knowledge-Enhanced Electronic 
Profile Review (KEEPER)
KEEPER is an R package for reviewing patient profiles for 
phenotype validation.

Cumulative downloads of the 25 OHDSI R packages  
available on CRAN by year. There have been more than  
1.5 million total downloads.
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The open-source tools that empower OHDSI 
research are not only available to the  
community, but they are DEVELOPED by the 
community. We thank the many developers and 

HADES Maintainers

Lee 
Evans

Egill 
Fridgeirsson

Jamie
Gilbert

Ger 
Inberg
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Knoll

Bill
O’Brien
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Anna 
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Rao
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Sadowski
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Suchard

Maarten
van Kessel

Open-Source Software

Package Statuses (as of 07Oct2026)

Adam
Black

Frank
DeFalco

maintainers who 
empower our 
research  
initiatives  
around the 
world!

Anthony
Sena

Supporting Packages

ParallelLogger
Support for parallel computation with progress bar, and 
option to stop or proceed on errors. Also provides logging 
to console and disk, and the logging persists in the parallel 
threads. Additional functions support function call  
automation with delayed execution (e.g. for executing  
functions in parallel).

ResultModelManager
RMM is a database data model management utilities for R 
packages in the OHDSI programme. RMM provides utility 
functions to allow package maintainers to migrate existing 
SQL database models, export and import results in  
consistent patterns.

SqlRender
This is an R package for rendering parameterized SQL, 
and translating it to different SQL dialects. SqlRender can 
also be used as a stand-alone Java library and a  
command-line executable.

Strategus
Strategus is an R package for coordinating and executing 
analytics using OHDSI HADES modules. Please turn to 
page 67 to learn more about Strategus.

OhdsiShinyModules
OhdsiShinyModules is an R package containing shiny  
modules that can be used within shiny result interfaces. 
The OHDSI tools often provide shiny interfaces for viewing 
and exploring results. Many of these shiny apps have  
overlapping features. To ensure consistency we have  
created a repository containing useful shiny modules that 
can be used in multiple result explorers.

Open-Source Software

ROhdsiWebApi
ROhdsiWebApi is a R based interface to ‘WebApi’  
(OHDSI RESTful services), and performs GET/PULL/
POST/DELETE calls via the WebApi. All objects starting 
from R or output to R - are analysis ready R-objects like 
list and data.frame. The package handles the intermediary 
steps by converting R-objects to JSON and vice versa. To 
ensure r-objects are analysis ready, the objects are type 
converted where possible, e.g. date/date time are  
converted from string to POSIXct.
This package makes reproducible research easier, by  
offering ability to retrieve detailed study specifications, 
transport study specifications from one instance to another, 
programmatically invoke the generation of a sequence of 
steps that are part of a study, manage running studies in 
batch mode.

OHDSIShinyAppBuilder
Create shiny apps using modules from OhdsiShinyModules 
or custom modules.

IterativeHardThresholding
IterativeHardThresholding is an R package for performing 
L_0-based regressions using Cyclops.

OhdsiSharing
This is an R package for sharing data between OHDSI  
partners.

OhdsiReportGenerator
This package contains functions for extracting character-
ization, estimation and prediction results from the OHDSI 
result database. It also contains codes to create useful 
plots, presentations templates and report templates.

HADES Hackathon at 2024 Global Symposium
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Strategus
Strategus enables researchers to design a complete health study in one place and 

run it seamlessly across a global data network. Instead of sharing sensitive patient 
data, researchers build a single study recipe that sites run locally behind their own 
secure firewalls.

Design locally, execute across collaborating institutions, and centrally review  
aggregated results using trusted OHDSI analytics. Whether evaluating treatment 
safety, predicting patient outcomes, or characterizing disease patterns, Strategus 
turns complex scientific plans into automated, reproducible research at scale.

Open-Source SoftwareOpen-Source Software

ATLASATLAS
ATLAS is a free, publicly available, web-based tool developed by the OHDSI  

community that facilitates the design and execution of analyses on standardized, 
patient-level, observational data in the OMOP CDM format. 

“ATLAS makes it possible for everyone in 
the OHDSI community to collaboratively 
design high-quality observational studies 
and produce reproducible code that can 
be shared and executed on OMOP CDM 
databases around the world.”      

- Christopher Knoll
2018 Titan Award for Open-Source 
Development recipient

Enabling A Journey From Data To EvidenceEnabling A Journey From Data To Evidence

Explore Data

Design Analyses

Produce Code

Want to learn more about ATLAS?
Experience: atlas-demo.ohdsi.org
Download: github.com/ohdsi/atlas
Read: book.ohdsi.org
Train: academy.ehden.eu

Generate Evidence

http://atlas-demo.ohdsi.org
http://github.com/ohdsi/atlas
http://book.ohdsi.org
http://academy.ehden.eu
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VIII. 
Methods
Research

Open-Source Software

Impact on EvidenceImpact on Evidence
Open-source analytics development is a core pillar of the OHDSI community.   

Not only do open-source tools codify scientific best practices into reproducible  
processes that are freely available for everyone to use, but they make evidence  
generation across a network of disparate data sources feasible and efficient.  

Across the OHDSI community, we have organizations from academia, industry and 
governments around the world, each with their own technical infrastructures and 
ways of working. Collaboration, however, requires common solutions that everyone 
can use and trust. HADES represents a fully-integrated set of tools to enable the  
end-to-end journey from standardized data to reliable evidence.​

Below highlights a few of the recent demonstrations of OHDSI’s open-source tools 
in action for important clinical applications

	 CohortGenerator
	 CohortIncidence
	 Characterization
	 CohortMethod
	 SelfControlledCase Series
	 Evidence Sythesis
	 Strategus

   Cyclops

		  PatientLevelPrediction

		  PheValuator

		  CohortDiagnostics

    DatabaseConnector
    SqlRender
    Andromeda
    FeatureExtraction
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LEGEND in Action
LEGEND principles have been applied to studying the effects of treatments for  

hypertension, depression, COVID-19 and Type 2 diabetes. The clinical impact of LEGEND 
can be found in high-impact journals like The Lancet, JAMA Internal Medicine,  
Hypertension, and the Journal of the American College 
of Cardiology (see story below).

A recent study published in the Journal of the American College of 
Cardiology has found that two newer classes of diabetes medications 
significantly reduce the risk of heart problems in patients with type 2 
diabetes (T2DM) and cardiovascular disease. The research, which  
analyzed nearly 1.5 million patients, compared the effectiveness of 
different diabetes drugs and found that newer medications—GLP-1  
receptor agonists and SGLT-2 inhibitors—were more effective at lowering 
heart risks than older drugs like sulfonylureas and DPP-4 inhibitors.
The study’s corresponding author, Dr. Marc Suchard from UCLA,  

emphasized that these findings could change the way doctors treat diabetes patients with 
heart issues. The newer drugs not only help control blood sugar just as well as older ones but also decrease cardiovascular risks and come with fewer 
side effects. 

This critical research, part of the LEGEND-T2DM study, highlights an important step forward in diabetes care and was published in September 2024.

The Evidence Gap
Although current clinical practice guidelines recommend using SGLT-2 inhibitors (SGLT2is) and GLP-1 receptor agonists (GLP1-RAs) for T2DM 

patients who are already on metformin, many patients are still being prescribed older drugs like DPP4 inhibitors (DPP4is) and sulfonylureas (SUs), likely 
due to their history and a lack of direct, head-to-head studies comparing all these medications.

The study found no statistical difference in cardiovascular effectiveness between SGLT2is and GLP1-RAs. However, both were shown to reduce heart 
risks more than the older drugs. SGLT2is lowered heart risks by 11% compared to DPP4is and 24% compared to SUs, while GLP1-RAs reduced heart 
risks by 17% and 28%, respectively.

This research strongly supports current clinical guidelines recommending the use of SGLT2is and GLP1-RAs for people with both type 2 diabetes and 
heart disease, and it suggests these newer drugs should be the preferred second-line treatments for such patients.

The LEGEND Method
The LEGEND Initiative uses advanced analytics to perform observational research on hundreds of millions of patient records within OHDSI’s interna-

tional database network. These principles have been applied to research treatments for conditions like hypertension, depression, and COVID-19.
In this study, researchers looked at 10 international data sources covering 30 years and analyzed records of 1,492,855 patients with T2DM and heart 

disease who were on metformin and started one of these four second-line agents.

       LEGEND Study PublicationsLEGEND Study Publications

Marc Suchard

Methods Research

       LEGEND in PrincipleLEGEND in Principle
LEGEND (Large-scale Evidence Generation and Evaluation across a Network of  

Databases) applies high-level analytics to perform observational research on hundreds 
of millions of patient records within OHDSI’s international database network. 

LEGEND is based on 10 guiding principles that were published in JAMIA (August, 2020) 
and are listed below.

1. LEGEND will generate evidence at a
large scale. Instead of answering a single 
question at a time (eg, the effect of 1 treatment on 
1 outcome), LEGEND answers large sets of related 
questions at once (eg, the effects of many treatments 
for a disease on many outcomes). Aim: Avoids  
publication bias, achieves comprehensiveness of 
results, and allows for an evaluation of the overall 
coherence and consistency of the generated evidence.

2. Dissemination of the evidence will 
not depend on the estimated effects. All 
generated evidence is disseminated at once. Aim: 
Avoids publication bias and enhances transparency.

3. LEGEND will generate evidence using a prespecified analysis design. All analyses, including the research questions that will 
be answered, will be decided prior to analysis execution. Aim: Avoids P hacking.

4. LEGEND will generate evidence by consistently applying a systematic process across all research questions. 
This principle precludes modification of analyses to obtain a desired answer to any specific question. This does not imply a simple one-size-fits-all
process, rather that the logic for modifying an analysis for specific research questions should be explicated and applied systematically. Aim: Avoids P 
hacking and allows for the evaluation of the operating characteristics of this process (Principle 6).

5. LEGEND will generate evidence using best practices. LEGEND answers each question using current best practices, including 
advanced methods to address confounding, such as propensity scores. Specifically, we will not employ suboptimal methods (in terms of bias) to achieve 
better computational efficiency. Aim: Minimizes bias.

6. LEGEND will include empirical evaluation through the use of control questions. Every LEGEND study includes control 
questions. Control questions are questions where the answer is known. These allow for measuring the operating characteristics of our systematic  
process, including residual bias. We subsequently account for this observed residual bias in our P values, effect estimates, and confidence intervals 
using empirical calibration. [7,8] Aim: Enhances transparency on the uncertainty due to residual bias.

7. LEGEND will generate evidence using open-source software that is freely available to all. The analysis software is 
open to review and evaluation, and is available for replicating analyses down to the smallest detail. Aim: Enhances transparency and allows replication.

8. LEGEND will not be used to evaluate new methods. Even though the same infrastructure used in LEGEND may also be used to 
evaluate new causal inference methods, generating clinical evidence should not be performed at the same time as method evaluation. This is a corollary 
of Principle 5, since a new method that still requires evaluation cannot already be best practice. Also, generating evidence with unproven methods can 
hamper the interpretability of the clinical results. Note that LEGEND does evaluate how well the methods it uses perform in the specific context of the 
questions and data used in a LEGEND study (Principle 6). Aim: Avoids bias and improves interpretability.

9. LEGEND will generate evidence across a network of multiple databases. Multiple heterogeneous databases (different data 
capture processes, health-care systems, and populations) will be used to generate the evidence to allow an assessment of the replicability of findings 
across sites. Aim: Enhances generalizability and uncovers potential between-site heterogeneity.

10. LEGEND will maintain data confidentiality; patient-level data will not be shared between sites in the network. 
Not sharing data will ensure patient privacy, and comply with local data governance rules. Aim: Privacy.
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With Causal Effect Estimation
Causal estimates from real-world data are only valid if several assumptions have been met. OHDSI 
provides advanced methods to adjust for bias (for example due to confounding), and a framework of 
objective diagnostics verifying the assumptions have been met. A study that fails diagnostics should 
not have its results unblinded.

Advanced Bias
Adjustment

Objective
Diagnostics

Large-scale propensity scores Covariate balance

A data-driven approach to 
confounder adjustment

Must achieve balance on all observed 
variables (often >10,000)

Splines for temporal trends Temporal stability

Flexible and powerful adjustment 
for time-varying confounding

Rate of outcome after spline adjustment 
must be constant over time

       
Evidence SynthesisEvidence Synthesis
One strength of OHDSI is in its numbers: data from across the OHDSI network can contribute to our understanding of 

the effects of treatments. A challenge is that only summary statistics, not patient-level data, can be shared. Previously, sites 
produced effect estimates and confidence intervals, combined via standard meta-analysis. However, this method can be 
biased when outcomes are rare. OHDSI developed a new approach where sites share likelihood curve shapes as points, 
which avoids this bias while preserving privacy. This method, now the default in HADES, is used in all OHDSI studies as it 
performs as well or better than standard meta-analysis.

“The existing observational studies in the literature suffer from biases such as confounding, 
publication bias, and p-hacking. OHDSI has tackled these challenges by standardizing  
analytic methods, offering advanced methods for bias correction, and implementing objective 
diagnostics. These measures enable the generation of reliable evidence for patients and  
clinical decision-makers.”

- Martijn Schuemie, 2018 Titan Award recipient for Methodological Research

Methods Research

The Journey To Reliable Evidence
OHDSI has created a framework for reliably estimating causal effects from real-world data. The two 
workhorses of this framework are the comparative cohort design and self-controlled case series 
(SCCS), two designs implemented as open-source R packages. Each design has standardized inputs 
and outputs, improving reproducibility.

Overall
Design Design Choices

C
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C
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The comparative cohort 
design is akin to a 
randomized trial, comparing 
two cohorts of people

The self-controlled case 
series (SCCS) design 
compares exposed to 
non-exposed time in the 
same people

Target cohort: people having the 
  exposure of interest
Comparator cohort: people with 
  some active comparator exposure
Outcome cohort: outcome of interest
Time-at-risk: Period for which to 
  estimate the effect

Target cohort: people having the 
  exposure of interest
Indication cohort: Time when people 
  have the indication for the exposure
Outcome cohort: outcome of interest
Time-at-risk: Period for which to 
  estimate the effect

       
Negative Controls & Empirical CalibrationNegative Controls & Empirical Calibration

Negative controls – exposure-outcome pairs with no causal relationship – offer a powerful diagnostic to evaluate the 
reliability of a population-level effect estimation study. By applying the same method on the same data to a large  
collection of negative controls, one can determine if there is systematic error in the analysis, whether due to selection 
bias, confounding, or measurement error. 

Negative controls therefore serve as an objective diagnostic applicable to multiple designs: if the expected systematic 
error exceeds some pre-defined threshold, we should not trust the results of our 
study.

Empirical calibration is a statistical procedure developed by OHDSI  
collaborators to use the error distribution estimated from negative controls and 
correct the original study statistics – point estimates, confidence intervals, and 
p-values – to restore their nominal operating characteristics and allow for a more 
honest interpretation of what really has been learned from observational data.

With Causal Effect Estimation
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With Patient-Level Prediction

Clinical ApplicationsBest Practices

We are performing large-scale 
empirical studies that guide 

model design choices.

We are using our expertise 
to develop clinical models.

Open SourceBenchmark Tasks

We are defining an 
expanded set of diverse 

benchmark tasks.

We provide software to 
efficiently develop and 

validate models.

“The PLP workgroup has built  
a strong methodological  
foundation, standardizing best 
practices for developing and 
validating prediction models at scale. But a validated model only helps patients once it is used in 
care. The next challenge is implementation: integrating such models safely into health systems and 
measuring whether they truly improve patient outcomes.”

- Tal El-Hay
Senior Researcher, KI Research Institute

- Chen Yanover
Senior Researcher, KI Research Institute

Join the monthly PatientLevelPrediction workgroup call: 
2nd Wednesday of each month @ 9am ET/3pm CET 

PLP GitHub: github.com/OHDSI/PatientLevelPrediction

Methods Research

The Journey To Reliable Evidence

“The OHDSI Patient-Level Prediction Workgroup brings together researchers with a 
shared interest in patient-level prediction, providing a collaborative space to share 
ideas, tackle methodological challenges, and collectively advance the methods and 
best practices supporting the use of patient-level prediction in health research.”   

- Jenna Wong
Assistant Professor, Department of Population Medicine, Harvard Medical School

Standardized 
Framework

requires 
OMOP CDM

Clear specification of 
the prediction task

•	 Target Population:
		  patients at risk
•	 Outcome: 
		  medical event to predict
•	 Time-at-risk (TAR): 
		  interval to predict
		  whether outcome will
		  occur

Federated Learning 
vs. Local Model

When should you train a  
local model versus do federated  

learning versus do transfer learning?

Impact of 
Loss Function

How stable are prediction models 
if you change the loss function?

With Patient-Level Prediction
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With Generative AI
Methods Research

       Tools That AI Can Use
Large Language Models (LLMs) unlock their full potential when 

equipped with specialized external tools, and across the OHDSI  
community, emerging AI solutions share a common set of functional 
needs. To address this, OHDSI is developing a dedicated suite of  
standardized tools optimized for AI interaction. These tools enable  
models to seamlessly search for concepts, traverse the OMOP Vocabulary, discover existing  
phenotype algorithms, generate new ones that strictly conform to ATLAS standards, etc.

Recognizing that AI architectures vary widely - from highly structured data pipelines to  
autonomous agents - our tools are built for versatile integration. They support both simple, direct 
APIs for tightly controlled workflows, as well as the Model Context Protocol (MCP), which allows AI 
agents to dynamically access curated collections of tools.A prominent example of this initiative is 
Hecate, a widely adopted, publicly available resource (accessible via both API and MCP)  
specifically designed for advanced Vocabulary navigation. Beyond public-facing resources, OHDSI 
is also developing Groundworkers: tools built for secure, on-premise deployment behind  
organizational firewalls, ensuring institutions can fully leverage AI capabilities while maintaining strict 
data privacy and security. 

Georgie Kennedy Rowan Perry

An exciting emerging area is the use of agentic AI at judgment-heavy points where 
real-world evidence researchers will benefit from AI assistance. This includes the 
selection or creation of phenotypes that are most appropriate to a study design, the 
summarization of diagnostics that may lead to changes in the phenotype definitions 
or the study design, helpful input on selecting the right parameters for analysis,  
guidance on the selection and review of negative controls, and collaborative  
interpretation of the results.
As the state of the field is in rapid flux, there are a variety of approaches being tested, ranging 

from fully autonomous agentic harnesses to highly targeted agentic skills. Rather than enforce any 
particular technical approach at this time, OHDSI is emphasizing the development and validation of 
design patterns that it will ensure human accountability for real-world evidence outputs, high  
reliability of the results, and the continued use of rigorous, validated, deterministic tools such as 
those found in the HADES Library.

Richard Boyce

Methods Research

The Journey To Reliable Evidence
Generative AI has the potential to fundamentally transform how the OHDSI community generates 

evidence from observational healthcare data. While most current initiatives leverage existing Large 
Language Models (LLMs), a dedicated subgroup of OHDSI collaborators is pioneering foundational 
models trained directly on data within the OMOP Common Data Model (CDM). Initial applications 
across the network are focusing on several high-impact use cases:

• Processing and extracting insights from unstructured clinical notes
• Mapping source vocabulary codes to OHDSI Standard Concepts
• Simulating realistic patient data
• Designing and evaluating phenotype algorithms
• Structuring rigorous study designs
• Advancing patient-level prediction

This rapid technological shift presents both a critical challenge and an unprecedented opportunity. 
As OHDSI’s methodological research has previously demonstrated, much of the published real-world 
evidence remains unreliable, frequently omitting essential objective diagnostics like negative controls 
and empirical phenotype validation. Generative AI threatens to make executing these poor practices 
easier and highly scalable, risking a proliferation of low-quality, automated evidence. Conversely, the 
opportunity is just as powerful: we can harness generative AI to make OHDSI’s stringent best practic-
es more accessible, intuitive, and widely adopted by researchers globally.

To navigate this landscape, OHDSI is actively uniting generative AI researchers to foster collabora-
tion and synergy across the network. By providing shared evaluation resources and robust technical 
infrastructure, we aim to ensure that AI-driven evidence generation aligns with our core commitment 
to reliability, reproducibility, and open science. 

       
MindsMeetMachine Challenges
Many groups across OHDSI are developing AI solutions for a wide 

range of use cases. To ensure these tools are reliable, OHDSI hosts 
the MindsMeetMachine challenges at our symposia. These events 
serve a dual purpose: rigorously evaluating AI systems against human 
benchmarks using a shared gold standard, and connecting tool  
developers across the community.

Challenge 1 (Concept Set Construction): Demonstrated 
that an AI system achieved non-inferiority compared to human 
collaborators.

Challenge 2 (Vocabulary Mapping): Automated systems 
clearly outperformed non-expert human participants at  
mapping source codes to the OHDSI Vocabulary.

Anna Ostropolets Gowtham Rao

With Generative AI
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Our OHDSI Community
 

• Each dot is an 
OHDSI collaborator 
with at least 2  
OHDSI papers, 
which include  
studies involving 
OMOP

• Size of the dot  
indicates the  
number of OHDSI/
OMOP papers

• The color  
indicates the mix 
of topics that an 
author has  
published on (see 
legend below)

• A line means two 
authors were on 
the same paper. 
The darker the  
color of the line, 
the more papers 
they co-authored

• The layout is 
based on co-
authorships, so 
people who  
collaborated more 
end up close  
together in the graph

OHDSI Publications

Collaborations Within
In this section, you will see 

the depth and wide range of 
peer-reviewed studies that our 
community has produced over 
the last decade. How has OHDSI 
accomplished so much in so 
little time? 

We work together. 
This graphic highlights just 

how much our community  
collaborates to produce high- 
quality observational research.

Since our community has produced many, MANY publications together, this graphic can’t have all collaborators in the 
perfect spot. But it shows how the culture of ‘we’ over ‘me’ has powered OHDSI to incredible heights.
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By Far, 
One Word 
Was Most 
Popular

OHDSI, In A WordOHDSI, In A Word
What makes OHDSI special isn’t just one defining trait—it’s the countless qualities 

that inspire collaborators around the world to dedicate their time and energy. During 
the 2024 and 2025 Global Symposiums, we asked attendees to capture OHDSI in a 
single word. The results, shown across this spread, reflect a community united by 
shared values: working together, supporting one another, and advancing reliable, 
reproducible, and robust real-world evidence to improve healthcare.

Join The Journey
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What begins as an intimate human interaction is recorded into electronic health records and  

administrative claims systems for clinical documentation, care continuity, and financial reimbursement. 
These records are the digital artifacts of lived human experience: observational healthcare data. 

 
All too often in our field, we treat these data as abstractions. We aggregate them into summary 

tables; we strip away their narrative; we reduce complex human lives to row counts, person-years, 
and arbitrary p-values. But behind every de-identified PERSON_ID is a real person – you, your loved 
ones, your friends, neighbors and colleagues. Behind every VISIT_OCCURRENCE is a real  
encounter, where a real person was faced with navigating the real healthcare system. Behind every 
DRUG_EXPOSURE record is the hope that a disease can be effectively managed or cured. 

 
Our fundamental mission as researchers is not merely to manipulate data points, but to learn 

from those lived experiences: to honor each patient’s story individually, and to uncover the patterns 
across millions of patients collectively. 

 
From these patterns, we can characterize disease, estimate the comparative safety and  

effectiveness of treatments, and predict individual outcomes from a patient’s history. When we  
describe observational data science within OHDSI, we organize our work around three primary  
analytical use cases: clinical characterization, population-level effect estimation, and patient-level  
prediction. These are not academic categories invented for textbooks or grant applications. They 
are the exact, pragmatic questions that patients, clinicians, and families desperately need answered 
when their health is challenged and their patient story is being told. 

 
Those three questions — what is happening, what should we do, and what will happen next — map 

directly to OHDSI’s analytical use cases. But their importance is easiest to understand not through 
technical definitions, but through the moments when reliable evidence is missing. 

I want to share three patient stories from my own lived experience. Each reflects a different  
evidence question at the heart of OHDSI’s mission: How often does an outcome occur? Which treat-
ment offers the best balance of benefits and risks? What is likely to happen to a particular patient? 
These experiences continue to motivate my commitment to our work together. 

1.	When my daughter was born prematurely and with cardiovascular complications, the pediatrician 
in the neonatal intensive care unit suggested 
that we consider a prophylactic treatment that 
would reduce the risk of serious respiratory 
disease due to RSV. Unfamiliar with the drug 
and terrified of making the wrong decision, I 
read the product label carefully to understand 
its risks and benefits. There, I saw in the 
Warnings and Precautions, “Cases of  
anaphylaxis and anaphylactic shock, including 
fatal cases, have been reported following initial 

Join The Journey

Patrick Ryan provides the closing talk at the annual OHDSI Global 
Symposiums, so it is appropriate for him to share his final thoughts 
for this sixth edition of the Our Journey book.

Thank you for Joining The Journey with OHDSI!

In OHDSI, we often describe the journey from data to evidence: harmonizing data models and  
vocabularies, defining phenotypes, validating data, and executing studies across disparate databases. 
Yet as I reflect on this past year, I invite us to pause and reconsider where that journey truly begins. 

 
Our journey does not begin with data. 
 
It starts with a person waking to an unfamiliar symptom or the unsettling sense that something 

has changed. It continues through the anxiety of seeking care and placing one’s body and trust in the 
hands of a healthcare provider. In that encounter, patient and clinician face consequential questions 
together: What is the diagnosis? Which treatment should we choose? Will it bring healing or  
unexpected complications? What will life look like tomorrow, next month, or five years from now? 

 
In that encounter, what every patient wants and deserves is simple: 
• Comfort that their patient story is being heard, their feelings and values are understood, and 

their best interests are served 
• Transparency in diagnostic decisions, trusting that conclusions are anchored in rigorous,  

verifiable science rather than habit, historical inertia, or best guesses
• Confidence in treatment choices, knowing that an intervention represents the greatest expected 

outcomes—maximizing the probability of meaningful clinical benefit while minimizing the risk of  
preventable harm. 

• Clarity in prognosis, understanding the likely trajectory of their condition, when recovery can  
realistically be expected, what unintended effects may arise, and how to proactively mitigate those 
risks along the way. 

 
Across thousands of outpatient offices, emergency departments, hospitals, and community health 

centers around the world, these encounters take place on a daily basis. They are the essential human 
heartbeat of healthcare. And every day, they leave behind footprints. 
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In 2021, I was honored to be invited by Christophe Lambert to deliver the University of New  

Mexico Joseph Scaletti Catalyst Lecture on the work of the OHDSI community. While preparing for 
that talk, I met Dr. Carla Scaletti, who introduced me to data sonification: the use of pitch, rhythm, 
harmony, and timbre to reveal patterns and anomalies in data, much as visualization does through 
graphical forms. The idea stayed with me. Could sonification help us hear patient stories and  
recognize patterns across populations? A patient profile might become a melodic line, a clinical  
observation a beat in time, and a serious health episode a crescendo that ideally resolves into rest. 
A cohort would become a chorus of voices. If we listened more closely to patients’ experiences in our 
data, what would we hear? Perhaps listening to the data — and hearing the patient story — is one 
path toward humanizing the analytical journey to reliable evidence. 

 
When we harmonize observational data through the OMOP Common Data Model, we do not 

erase individual patient journeys; we establish the shared sheet music that allows disparate health 
systems to play in unison. The OMOP CDM establishes the universal clefs, time signatures, and 
scales. Standardized vocabularies—such as SNOMED CT, RxNorm, and LOINC—ensure that a 
clinical code in Seoul, London, Barcelona, or New 
York carries the exact same meaning to play the 
same chord. Our open-source analytical pipelines 
allow us to execute consistent, reproducible studies 
across 100 countries without centralizing sensitive 
patient records to stay in tune. When we bring all  
of these stories together across the OHDSI global 
network, we are not simply assembling a massive 
database. We are composing an epic, worldwide 
symphony. 

 
In that global symphony, we can hear what no single doctor or hospital can detect on their own: 
• We hear the baseline tempo of disease incidence across diverse populations, establishing the 

true context of human illness. 
• We hear the distinct timbre of diverse patient groups, recognizing when treatments behave  

differently across age groups or complex comorbidity profiles. 
• Most importantly, we hear the discordance. In our network, an adverse drug event is an  

unexpected, clashing dissonance. Because we calibrate our analyses with negative control outcomes 
and active comparators, that discordance cuts through the background noise, alerting us to safety 
signals before widespread harm occurs. 

We often point with pride to our global reach, representing more than one billion patient records 
across dozens of countries. But our achievement should never be measured by the sheer volume of 
data we can count. A vast database is not a trophy; it is a profound moral obligation. 

It is our shared duty to ensure that every individual patient is heard, that no melody is silenced 
by data silos, and that the quiet rhythms and discords of disease and adverse events are recognized 
before harm occurs. When we harmonize these stories through open science, standardized data 
models, and transparent analytics, we transform raw observational data into actionable evidence. We 
create insights that can guide a physician at the bedside, bring clarity to a patient facing an uncertain 
prognosis, and steer health systems across the globe toward safer, more effective care. 

Join The Journey
exposure”. What I didn’t see was something quite basic: ‘how often do patients exposed to this drug 
actually experience this event?’. I simply needed to know the incidence. Was the risk one in a  
hundred? One in a thousand? One in a million? That rate was the critical piece of evidence I needed 
to weigh the trade-off against the treatment’s potential benefit. It felt like an essential decision that I 
was being forced to make in the complete absence of reliable evidence. 

2.	My father has lived with progressive lower back pain from spinal stenosis for years, exhausting 
less invasive options before facing a decision on spinal decompression and fusion surgery. His neuro-
surgeons walked us through the technical complexity of the procedure, advocating for their advanced 
laparoscopic approach, but they could not answer the one question that mattered most to my dad: 
given his age, his medical history, and his prior 
treatment failures, what was the actual probability 
that this surgery would relieve his pain and  
restore his quality of life? I read all the publications 
I could find, understood as best I could the  
expected benefits and risks of the intervention, 
and the important role that surgeon expertise 
would play in the outcomes. But it was extremely 
unsettling to realize that the information my dad 
wanted (and deserved) was not accessible — to 
him or me or his providers — because a well-calibrated patient-level prediction model did not yet exist, 
even despite all the advances in machine learning methods and patient-reported data collection. We 
were again forced to make a potentially life-altering decision in the absence of reliable evidence. 

3.	Earlier this year, I met with my primary care physician to explore medical options for weight 
loss and initiated a newly prescribed treatment. Soon after, I experienced severe depression,  
profound fatigue, and an overwhelming apathy that drained my energy and enthusiasm for work. It got 
to the point where my wife looked at me and said, “You’re just not right.” When I reported this to my 
doctor, her immediate reaction was skepticism: she had never observed this effect in other patients, 
found no published literature linking the drug to depression, and ordered lab tests to search for  
alternative explanations while encouraging me to continue treatment. Weeks later, an OHDSI trip to 
Australia coincided with a refill delay, forcing an unintentional dechallenge; during that week off  
exposure, the depressive symptoms completely vanished. Upon returning home, I resumed therapy, 
and the exact same symptoms immediately returned, finally prompting my doctor and me to  
discontinue the drug. That unplanned dechallenge and rechallenge exposed the real cost of our  
collective evidence gap: instead of having access to a pre-computed population-level effect 
 estimation study comparing neuropsychiatric outcomes across treatments, my care defaulted to  
clinical dismissal, leaving me to endure a preventable and uncomfortable N-of-1 trial. 

 
These are three patient stories from my lived experience, but frankly I feel privileged that I have 

the knowledge, resources and capabilities to navigate the healthcare system and strive for the best 
care possible. I know most others are not nearly as fortunate. But we all deserve better. Our patient 
stories need to be heard, and our needs should to be met. I believe our OHDS community is one  
important pathway toward meeting these needs. 
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Our Journey 2026
 As we close this chapter of Our Journey, the OHDSI community continues to demonstrate what 

becomes possible when open collaboration takes center stage. Across disciplines, institutions, and 
countries, community members have advanced shared standards, open-source tools, reproducible 
methods, and network studies that make real-world evidence more transparent, scalable, and  
clinically meaningful. The progress reflected throughout this annual report belongs to everyone who 
contributed data, methods, software, scientific leadership, implementation experience, and  
constructive challenge. 

 
Looking forward, our focus must remain clear: 
• For data partners: Continue the vital work of mapping your data to common standards and 

collaborating across distributed networks, ensuring that the valuable experiences of your patients 
contribute to global knowledge while steadfastly safeguarding their privacy. 

• For our methodologists and software developers: Continue refining our open-source tools 
and building transparent pipelines that make it accessible and efficient for every researcher on Earth 
to apply rigorous methods to robust databases of past patient experiences to produce reliable real 
world evidence that can help write future patient stories. 

• For our clinicians and researchers: Prioritize the empirical questions that patients and  
providers desperately need answered—the real-world summaries that explain disease natural  
history and treatment choices, the comparative studies that establish safety and effectiveness of  
medical interventions, and the prediction tools that guide individualized care. 

 
Thank you for your tireless dedication, your passion for open science, and your relentless  

commitment to this journey. Let us continue to listen closely to the data, bring the human experience 
to the center of all we do, and generate the evidence that helps the world live healthier lives. 

 
Cheers, 

-Patrick Ryan
 
(I did use AI to try to help me revise this letter, but after reading George’s letter I rejected most 

of the suggestions) 
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How Can You Join The Journey?How Can You Join The Journey?
Our community has set both the foundation and the highest of standards for global collaboration around 

observational research. We continue to make real differences in healthcare, and we are doing it through  
transparent and reproducible science. We also recognize that there is so much more to be done, and so much 
more that we can do.

If you are inspired by what you read in this book, if you want to learn more about methods research or 
open-source development, if you have a clinical question you believe needs answering, or if you want to join 
a community of people dedicated to the team sport of observational health data sciences and informatics, we 
have a place for you. 

How can you get started?

Join The OHDSI Forums (forums.ohdsi.org)
Connect with other OHDSI collaborators on our community forums and start discussing how you can help 

us inform medical decision-making, or simply follow discussions that are interesting to you and learn about 
the work happening within our global community. 

Join Our Workgroups & MS Teams Environment (ohdsi.org/ohdsi-workgroups)
Our workgroups present opportunities for all community members to find a home for their talents and  

passions, and a place to make meaningful contributions. We are always looking for new collaborators. Learn 
more by checking out the workgroups homepage Our workgroups collaborate inside the OHDSI MS Teams 
environment; a form to join our Teams environment is available here: bit.ly/Join-OHDSI-Teams.

Join Our Community Calls (ohdsi.org/community-calls)
Join collaborators around the world each week during our OHDSI Community Call, held Tuesdays at 11 am ET 

within our Teams environment. Following weekly updates, we have a variety of call formats, including  
research presentations, workgroup updates, discussions, tutorials, debates and more. These calls are  
recorded, and you can access them (as well as the meeting link) at our Community Calls page. 

Continue To Learn About OHDSI
Learn about OHDSI tools and research processes in a variety of ways.

• The OHDSI website keeps you informed of recent news, publications, upcoming studies and more, while 
providing all critical links needed to help with your journey: ohdsi.org

• The Book of OHDSI (which is also translated into both Korean and Chinese) is a community-developed 
resource with information for every step of your journey: ohdsi.github.io/TheBookOfOhdsi

• Check out the EHDEN Academy, a set of free, on-demand training and development courses. These are 
open to anybody, but we always encourage new OHDSI collaborators to use this resource to learn about best 
practices towards our mission of improving health by empowering a community to collaboratively generate 
evidence that promotes better health decisions and better care: academy.ehden.eu

• Check out the OHDSI YouTube page (youtube.com/c/OHDSI) for many community-developed learning  
resources, including tutorials, research presentations and more. Follow OHDSI on LinkedIn, X, Instagram and 
Bluesky to keep updated on community research and follow the #OHDSISocialShowcase to see the research 
shared at our annual symposia.

Join The Journey
Your journey with OHDSI has started. Your interest in our global community is the first step in making a  

difference in global health. There is no limit to the impact you can make, and you can do so in a supportive, 
positive and fun environment. We invite you to search our website, post to the forum, join us in Teams, check 
out our GitHub, or reach out to us over email (contact@ohdsi.org).

Thank you for Joining The Journey with OHDSI!

http://forums.ohdsi.org
http://ohdsi.org/ohdsi-workgroups
http://bit.ly/Join-OHDSI-Teams
http://ohdsi.org/community-calls
http://ohdsi.org
http://ohdsi.github.io/TheBookOfOhdsi
http://academy.ehden.eu
http://youtube.com/c/OHDSI
https://www.linkedin.com/company/ohdsi/
https://x.com/ohdsi
https://www.instagram.com/ohdsi
https://bsky.app/profile/ohdsi.bsky.social
https://github.com/ohdsi
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